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Abstract
Academic dissertation tutoring has become an important academic 
teaching competence in higher education. However, no assessment in-
strument has been developed to measure the needed transversal compe-
tences in quality tutoring. In two studies, we aim to develop and explore 
the psychometric properties of the Student Evaluation of Dissertation 
Tutoring Scale (SEDITUS). In Study 1 (N = 82, 72% women), the ini-
tial eight items proposed a unidimensional construct and good fit prop-
erties to the Polytomous Rasch model. Differential item functioning 
(DIF) revealed no significant differences across gender for all the items, 
and the four-category structure did function well. In Study 2 (N = 1046, 
69% women), an expert committee decided to remove one item due to 
the lack of a generalization process for the item across faculty degrees. A 
multilevel Rasch model was used to consider the nested nature of the 
data (students nested in eight faculties). Results replicated Study 1, with 
the scale showing appropriate psychometric properties at the item and 
global level. Overall, the two studies suggest the SEDITUS can be rec-
ommended as a rapid assessment of the tutoring process in dissertations 
developed both in undergraduate and master’s degrees.
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Desenvolupament i propietats psicomètriques 
de l’escala d’avaluació de la tutorizació de 
treballs acadèmics (SEDITUS) en l’Educació 
Superior

Resum
Els processos de tutorització de treballs acadèmics impli-
quen una competència important en el professorat universi-
tari. Tot i això, no hi ha escales capaces de mesurar les des-
treses associades a la qualitat de la tutorització. A partir de 
dos estudis empírics, es pretén desenvolupar i avaluar les 
propietats psicomètriques de l’Escala d’Avaluació estudian-
til dels processos de tutorització de treballs (SEDITUS). En 
l’estudio 1 (N = 82, 72% dones), es van proposar 8 ítems 
inicials ajustats a un model unidimensional a partir del mo-
del de Rasch politòmic. Les anàlisis de funcionament dife-
rencial dels ítems (FID) no van mostrar diferències signifi-
catives de gènere en cap ítem, i l’estructura de 4 categories 
va mostrar un rendiment adequat. En l’estudio 2 (N = 1046, 
69% dones), un comitè d’experts va decidir eliminar un 
ítem perquè era incapaç de generalitzar el procés descrit en 
les titulacions associades a les facultats. Es va emprar un mo-
del de Rasch multinivell que tenia en compte l’estructura 
niada de les dades (estudiants niats de 8 facultats). Els resul-
tats van replicar els del primer estudi i mostren propietats 
psicomètriques apropiades a nivell d’ítem i de constructe. 
En conjunt, tots dos estudis suggereixen que l’escala SEDI-
TUS és recomanable per mesurar ràpidament els processos 
de tutorització de treballs acadèmics. 

Paraules clau
Educació superior; treballs acadèmics; tutorització de tre-
balls; model de Rasch; escala politòmica.

Desarrollo y propiedades psicométricas de  
la escala de evaluación de la tutorización  
de trabajos académicos (SEDITUS)  
en Educación Superior

Resumen
Los procesos de tutorización de trabajos académicos supo-
nen una competencia importante en el profesorado univer-
sitario. Sin embargo, no se disponen de escalas capaces de 
medir las destrezas asociadas a la calidad de la tutorización. 
Partiendo de 2 estudios empíricos, se pretende desarrollar y 
evaluar las propiedades psicométricas de la Escala de Evalua-
ción estudiantil de los procesos de tutorización de trabajos 
(SEDITUS). En el estudio 1 (N = 82, 72% mujeres), se 
propusieron 8 ítems iniciales ajustaron a un modelo unidi-
mensional a partir del modelo de Rasch politómico. Los 
análisis de funcionamiento diferencial de los ítems (FID) no 
mostraron diferencias significativas de género en ningún ítem, 
y la estructura de 4 categorías mostró un adecuado rendi-
miento. En el estudio 2 (N = 1046, 69% mujeres), un comité 
de expertos decidió eliminar un ítem debido a su incapaci-
dad de generalización del proceso descrito en las titulaciones 
asociadas a las facultades. Se empleó un modelo de Rasch 
multinivel que tuvo en cuenta la estructura anidada de los 
datos (estudiantes anidados en 8 facultades). Los resulta-
dos replicaron los del primer estudio, mostrando propiedades 
psicométricas apropiadas a nivel de ítem y de constructo. En 
conjunto, ambos estudios sugieren que la escala SEDITUS 
es recomendable para una medición rápida de los procesos 
de tutorización de trabajos académicos. 

Palabras clave
Educación superior; trabajos académicos; tutorización de 
trabajos; modelo de Rasch; escala politómica.

INTRODUCTION
Academic dissertations are considered as one of the most 
important learning tools, which in fact constitutes the fi-
nal assessment procedure for undergraduate and master’s 
degree projects in most of the official teaching qualifica-
tions in higher education. Similarly, assessment processes 
have moved towards a dynamic system wherein both pro-
fessors and students are considered the main agents. Con-
sidering an ecological learning perspective (Saroyan & 
Amundsen, 2001), the present research aims to measure 
students’ satisfaction level with respect to the monitoring 
process developed by their tutors at their final master’s/
degree dissertation. To this purpose, this type of scale 
may provide basic contents by which tutors can reflect 
over the implemented competences in these subjects.

During recent years, there has been an increase of teach-
ing-learning assessment programmes with a focus on im-
proving both students’ implication and teachers’ efficacy 

levels (Webb & Jones, 2009; Wyatt-Smith et al., 2010). 
In the context of higher education, these programmes 
consider the professional competences framework, de-
fined as the set of abilities, attitudes and responsibilities 
that describe learning results in an educational process 
(Stierer & Antoniou, 2004). In this field, evaluation of 
teaching has become an extensive practice in higher edu-
cation (Huybers, 2014; Richardson, 2005). This practice 
is understood as an assessment of elements associated with 
professors’ achievement in their respective subjects, and 
is used with promotion purposes, such as professional en-
rolment and upgrades (Linse, 2017).

During recent decades, multiple explanatory models of 
teaching process have been developed. Initially, teaching 
competences were only focused under the behaviourist 
perspective (Boice, 1991), and secondly to complex cog-
nitive and affective activities (Leinhardt & Greeno, 1986). 
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Considering these structures, the initial models come from 
the expertise or ability theories, where the main indica-
tors are based on the organization of knowledge and its 
structure, the efficacy of procedures and meta-cognitive 
abilities, among others (Glaser et al., 1984). However, 
and especially in higher education, beliefs or views about 
teaching were also considered as relevant for effective teach-
ing (Larsson, 1986). Considering beliefs as implicit as-
sumptions about students, classroom learning and sub-
ject knowledge (Pajares, 1992; Pratt, 1997), this model 
evolved into a more integrated teaching-learning frame-
work, using both constructs to justify an effective teach-
ing assessment. 

From a more dynamic perspective, transformative learn-
ing theory (Mezirow, 1991) declared an important differ-
ence between individuals’ prior beliefs about teaching and 
real performance during the teaching process. In these 
situations, the identification of contextual barriers is es-
sential, together with those professors with a lack of effec-
tive teaching strategies in educational settings (Schön, 
1983). The change to effective teaching is based on an 
engagement process for giving support and positive strat-
egies. Within this line, remarkable is the concept of as-
sessment literacy (Stiggins, 1991), in which professors’ 
assessment knowledge and practice abilities are consid-
ered for the interpretation and design of instruction and 
feedback assignment.

Considering current contextual perspectives, the au-
thors of this study rely on the ecological model proposed 
by Saroyan & Amundsen (2001), which considers three 
main elements associated with teaching assessment: con-
ceptions or beliefs, knowledge, and actions. In addition, 
the influence of context is considered as the key for a dy-
namic conception of these constructs, as external factors 
– university/faculty/department culture or professors’ spe-
cific tasks – may have an impact on teaching tasks (Saroy-
an & Amundsen, 2001). 

The international literature considers dissertations as 
an important learning process in many universities. Ac-
cording to Evans et al. (2020), in the last 20 years there 
has been a significant increase of this pedagogic works 
among disciplines and countries. However, there are some 
concerns about the way pedagogical research is transferred 
into educational practice within each branch of knowl-
edge (Stierer & Antoniou, 2004). Following these lines, 
the concept of world standard (AERA, 2018) refers to those 
which stand out by their originality, significance, rigor-
ousness, and relevance, with no mention of geographic 
nature or other particular subjects’ background factors. 
The way individuals and community fields interpret joint 
and separate terms and definitions provides complex ho-
listic judgements that may disserve the application in the 
assessment field. 

Scientific literature has shown a wide variety of scales 
for the evaluation of teaching, and most of them con-
sider the students’ perspective. For instance, the Stu-

dents’ Evaluation of Educational Quality (SEEQ; Marsch, 
1982; Marsh et al., 2009) is a scale composed of 35 state-
ments which address nine aspects of teaching: learning 
value, enthusiasm, organization, group interaction, in-
dividual rapport, breadth of coverage, exams and grad-
ing, assignments, workload or difficulty. Toland & De 
Ayala (2005) developed the Students’ Evaluation of 
Teaching Effectiveness Rating Scale (SETERS), where-
as Keeley et al. (2010) created the Teaching Behavior 
Checklist. 

As can be seen, these general instruments are abun-
dant. However, student perspectives in quality of disser-
tation tutoring requires a distinct level of analysis. For 
instance, the elaboration process of dissertations requires 
a more autonomous work by the student, which may 
affect the connectedness with the role of the professor 
as a tutor. Moreover, students usually must prepare an 
oral exposition of the dissertation before a court, which 
decides the final student qualification. These procedures 
give dissertation a new perspective, whereby students 
are supposed to show all the general and specific com-
petences developed in the undergraduate or master’s 
degree. 

At the international level, some methodological pro-
cesses have been raised to dynamically measure the eval-
uation consistency in faculties or universities (Bettan-Sal-
tikov et al., 2009). However, these processes refer to the 
criteria analysis without students’ perspective. There have 
also been studies which addresse effective interventions 
in cognitive or non-cognitive students’ revision strategies 
(Butterfield et al., 1996; Couzijn & Rijlaardsdam, 2005) 
for the improvement of specific tutoring in writing tasks 
(Castelló et al., 2011 Maher et al., 2008). Nevertheless, 
no previous psychometric studies have been found in the 
field of evaluation of tutoring in undergraduate/master’s 
degree final dissertations beyond these writing tasks. For 
this reason, the aim of the present study is threefold: (1) to 
develop a new scale on the students’ evaluation of disser-
tation tutoring, called the Student Evaluation Of Disserta-
tion Tutoring Scale (SEDITUS); (2) to conduct a first pi-
lot study of this new scale in a sample of university 
students; and (3) to conduct a validation study of the in-
ternal structure of the instrument in a large sample of uni-
versity students. 

Our analyses include an assessment of item perfor-
mance and dimensionality of the scale using item re-
sponse theory (IRT). Concretely, for the first pilot study, 
we used the Rasch model (Rasch, 1960), as it provides 
a method based on the calibration of ordinal data from a 
shared measurement scale. Moreover, as we used a larger 
sample with students from different faculties within a 
university, the second study implements multilevel Rasch 
modelling. This extended model provides more reliable 
measures as it considers the nested structure of data, which 
may affect variances and standard error estimation (Lam-
prianou, 2013).
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STUDY 1

METHOD
Participants
The sample of the first pilot study consisted of 82 univer-
sity students. From this total, 72% were women; mean 
age was 24.68 years with standard deviation of 4. All these 
students were enrolled at the Faculty of Education from 
the University of Alicante. Concretely, 32.9% were study-
ing the master’s degree of Secondary Education, 36.6% 
the undergraduate degree in Primary Education, 29.3% the 
undergraduate degree in Child Education, and 1.2% 
the master’s degree in Educational Research.

Measures
Following guidelines for scale development, essential con-
tent and format specification were established prior to 
item development (American Educational Research As-
sociation, American Psychological Association & Nation-
al Council on Measurement in Education, 2014; Wetzel 
& Greiff, 2018). With respect to content specification, 
item development was guided by the definition of stu-
dent-teacher evaluation with unique emphasis on disserta-
tion tutoring. To achieve this issue, legal decree and specif-
ic guidelines for final undergraduate degrees and master’s 
dissertations from different universities were analysed. 
The following content was considered as relevant. First, 
the focus on the professor’s tutoring behaviours in quali-
ty and content (support tasks); second, professors’ correc-
tion tasks in appropriate timing (feedback); and third, 
support in academic procedures (e.g., document format, 
timings, guidance on the virtual platform). 

Regarding format specifications, the final instrument 
consisted of a Likert scale with four response categories ex-
pressing the level of agreement (1 = low agreement; 4 = to-
tal agreement). This format fits previous studies evaluat-
ing students’ perceptions, as items with ordinal responses 
were used to fit the construct and provide more informa-
tion (García-Moya et al., 2020). The items of the instru-
ment can be seen in Table 1.

Procedure
The instrument was administered online due to COVID-19 
restrictions in 2020 (academic year 2019-2020). For this 
purpose, a Google sheet form was obtained, including 
the instructions for completion. Participants were informed 
about the voluntariness of filling in the scale and the con-
fidential use of data by e-mail. A total of two reminder 
e-mails were sent within a 90-day period. 

Data analysis
We used a Rasch model (Rasch, 1960) for the initial anal-
ysis of the pool of items. The Rasch model is a probabilis-

tic model based on the calibration of ordinal data from a 
shared measurement scale which enables one to test con-
ditions such as dimensionality, linearity, and local inde-
pendence (Wright, 1997). As using the same measure-
ment scale, homogeneous intervals can be obtained for 
both parameters of item difficulty and subject ability. In 
the present study, four-point Likert-type items were test-
ed, considering the ordered response alternatives as in-
variant for all items in the scale. These assumptions can 
be followed through the Andrich Rating Scale Model 
(RSM) (Andrich, 1978; Wright & Masters, 1982), a spe-
cific Rasch-family IRT model that can handle polyto-
mously scored item response data. To fit the RSM as-
sumption, all items need to have the same number of 
options or categories, and it assumes that adjacent thresh-
old parameters are equally spaced across all items. 

Outfit and infit statistics, as well as Rasch reliability, 
were used to check the quality of the scale from a Rasch 
measurement perspective. These indexes are measures of 
the extent to which the data match specifications of a 
Rasch model. Mathematically, they are the mean value of 
the squared residuals. A residual is the difference between 
a subject’s response to a given item and the expected re-
sponse calculated by the model. Therefore, the larger the 
squared residual, the larger was the misfit between data 
and model. The difference between infit and outfit is based 
on the way they are computed. Infit statistics give more 
importance to those items which are aligned with the 
person’s ability level, as they can carry more information 
about the person’s ability. Values of outfit and infit mean 
squares (MNSQ) can range from 0 to positive infinitive. 
Values below 1 indicate a higher than expected fit to the 
model, while values greater than 1 indicate a poor fit of 
the model. The category’s function of the rating scale was 
also examined, according to the monotonic increasement 
of the thresholds and the count of answers for each cate-
gory (Linacre, 2002). These analyses were done with the 
package mirt in R free software, developed by Chalmers 

Table 1: Final items of the student evaluation of dissertation 
tutoring scale (SEDITUS).

My dissertation tutor…

1 has informed me about the general dissertation 
guidelines

2 has advised me on the dissertation subject
3 has responded to my e-mails or virtual tutorials
4 has corrected my drafts in timely manner

5 has given to me the possibility of having face-to-face 
tutoring

6 has informed me of the dissertation qualification 
criteria

7 has informed me of the procedure to defend the 
dissertation
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(2018). Lastly, to further investigate the psychometric 
properties of the scale, differential item functioning (DIF) 
of items can be analysed. The existence of DIF indicates 
that different groups may have different interpretation of 
perspective on the items. This study was used to investi-
gate the extent to which male and female students have 
performed differently on the same items through an ordi-
nal (common odds-ratio) logistic regression, using IRT 
theta estimates as the conditioning variables. Items flagged 
for DIF are treated as unique items and group-specific item 
parameters are obtained. This iterative process is helpful 
because it only flags items after two consecutive iterations 
(it ensures that a flagged item cannot affect the selection 
of another items). All these analyses were done with the 
package lordif in R free software (Choi et al., 2011).

RESULTS
In the first place, bivariate correlations are shown in Ta-
ble 2. All correlations were positive and statistical signifi-
cance, but less than .85, which is the cut-off criteria to 
item exclusion. Therefore, all the items were kept for sub-
sequent analysis.

With respect to RSM, dimensionality was assessed 
through standardized residuals, also called eigenvalues. 
According to Linacre (2012), values below 2 in the first 
contrast indicates that residuals are not relevant enough 
to worsen dimensionality of the instrument. In our scale, 
we obtained a first contrast of 2.0 eigenvalues, which con-
firms the unidimensional nature of the instrument. 

In the second place, items’ fit to the model was checked 
with Infit and Outfit values (Table 3). According to Bond 
& Fox (2015), appropriate values range from 0.7 to 1.3 
in this type of scale. As can be seen, Infit and Outfit val-
ues are within an appropriate range for accepting item fit 
to the model. On the other hand, difficulty levels spread 
across the ability continuum from negative to positive 
logit values. The easiest item was item 1 (“My tutor has 
informed me about the general dissertation guidelines”), 
which means that most participants need a low level of 
the construct of satisfaction to express high values in this 
item. The most difficult item was item 7 (“My tutor has 
informed me of the dissertation qualification criteria”), 
meaning that a high level of satisfaction is needed to ob-
tain higher scores in this item.

With respect to the category’s function of the rating 
scale (Table 4), it was confirmed step calibration increased 

Table 2: Bivariate correlations of the items.

Item 1 Item 2 Item 3 Item 4 Item 5 Item 6 Item 7 Item 8

Item 1 -
Item 2 .61** -
Item 3 .42** .39** -
Item 4 .37** .44** .48** -
Item 5 .40** .42** .81** .37** -
Item 6 .57** .61** .46** .42** .43** -
Item 7 .36** .35** .37** .57** .27* .55** -
Item 8 .52** .51** .43** .39** .40** .58** .52** -

Table 3: Difficulty parameter, fit indexes and item-test correlation.

Item Difficulty Infit Outfit Item-test corr

1 -.54 .96 1.04 .65
2 -.11 .95 .91 .69
3 -.63 .76 .67 .67
4 -.78 1.10 1.06 .72
5 -.23 .95 .91 .69
6 .10 .99 .79 .73
7 .71 1.10 1.16 .70
8 -.08 .92 .92 .70
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monotonically to ensure that higher measures on the items 
represented higher trait under measurement, with thresh-
old values of -.62 between categories 1 and 2; -.04 be-
tween categories 2 and 3; and .66 between categories 3 
and 4. Infit and Outfit values were excellent for all cate-
gories (between 0.7 and 1.3). 

The analysis of DIF estimated the distribution of the 
difficulty parameter in the sample of males and females. 
The ordinal logistic criterion used a chi-square distribu-
tion with an alpha cut-off value of .01. After the first it-
eration for purification procedure, no flagged items were 
detected for any item. 

STUDY 2 

METHOD
Participants
After the initial pilot study, a more extended validation 
study of the internal structure of the instrument was im-
plemented in a large sample of 1046 students from all the 
faculties enrolled at the University of [BLINDED]. Ta-
ble 5 shows the distribution of frequencies and gender 
percentages per faculty. There is a higher percentage of 
women (69.03%) in all the faculties with the exception 
of the Higher Polytechnic School.

Measures
The instrument was re-evaluated by a committee of pro-
fessors from all the faculties involved. Item quality was 
assessed in terms of how the content relates to the specif-
ic tutoring systems for the competencies developed in all 
the university degrees to ensure transversal meaning and 
linking with objectives. Agreement was reached to re-
move item 8 (“My dissertation tutor has recommended 
bibliography according to the topic”), as it was consid-
ered too ambiguous to determine tutoring quality in 
many scientific fields. The remaining items were consid-
ered appropriate to be applied to all the sample. There-
fore, the final instrument was composed of seven items. 

Procedure

The study was approved by the protecting data unit of 
the University of Alicante, including information about the 
objectives and requesting an encrypted e-mail address list 
for all students enrolled in the subjects of final disserta-
tions in undergraduate degrees or master’s degrees during 
academic year 2020-2021. After permission, an invita-
tion e-mail was sent with the project objectives and a re-
quest to voluntarily participate. This invitation was sent 
in May, as students were in the final period of their dis-
sertation and could develop a complete view of their re-
spective tutoring processes.

Table 4: Summary of category structure.

Category Observed 
count % Observed 

average Infit MNSQ Outfit 
MNSQ

Andrich 
Threshold

Category 
measure

1  93 14 -1.00 1.18 1.27 - -2.02
2 102 16 -.12 .95 .81 -.62 -.56
3 146 23 .62 .97 .76 -.04 .55
4 307 47 1.58 .99 .97 .66 2.04

Table 5: Sample distribution per faculty.

Faculty Men Women Total

Faculty of Education 56 (27.86%) 201 (72.14%) 257
Faculty of Philosophy 46 (27.05%) 124 (72.95%) 170
Faculty of Economic Sciences 48 (29.62%) 114 (70.38%) 162
Higher Polytechnic School 82 (62.12%) 50 (37.88%) 132
Faculty of Sciences 38 (28.78%) 55 (71.22%) 93
Faculty of Law 42 (27.45%) 111 (72.55%) 153
Faculty of Health Sciences 12 (15.18%) 67 (84.82%) 79
Total 324 (30.97%) 722 (69.03%) 1046



PSYCHOMETRIC PROPERTIES SEDITUS 

ANUARIO DE PSICOLOGIA | 53/229

Data analysis

For the subsequent analysis, multilevel Rasch modelling 
was applied, considering students to be nested in faculties 
(Lamprianou, 2013). Multilevel IRT models are based on 
the estimation of random or hierarchical models (Chaim-
ingkol et al., 2007; Fox & Verhagen, 2010). Considering 
items as polytomic variables, two possible models were 
proposed: a first, simpler model (Model 1) in which no 
specific standard deviation per item was computed, and a 
second model, which includes the estimation of items’ 
standard deviation (Model 2). Thus, the influence of each 
faculty in students’ response pattern can be checked. Devi-
ance Information Criterion (DIC) was used to analyse the 
most appropriate model. In the second place, item fit Rhat 
index were used, considering as appropriate those values 
below 1.1 (Luo & Jiao, 2018). The Expected a Posteriori 
(EAP) measure was also used, having a similar interpreta-
tion as the reliability coefficient. All the analysis was made 
with the sirt package in R free software (Robitzsch, 2020).

Finally, differences in item performance between men 
and women were compared via t-test, considering each 
faculty as independent samples. Differences between fac-
ulties were also explored via one-way ANOVA, followed 
by the post-hoc Games-Howell test, which is appropriate 
when there are groups with differing numbers of subjects 
and equal variances are not assumed (Tabachnick & Fi-
dell, 2007).

RESULTS
In the first place, DIC values were compared to determine 
the best model to implement item calibration. Model 1 
had a DIC value of 11126.04, whereas Model 2 had a 
DIC value of 10185.7. It can be inferred that Model 2 is 
the most appropriate to the estimation of difficulty pa-
rameters, considering response patterns which depend on 
the faculty where students are enrolled. Moreover, Mod-
el 2 had an EAP of 0.862, which is a consistent value for 

the instrument to be considered as reliable. Table 6 shows 
low item difficulty parameters of the model, implying all 
students can easily understand the item content and give 
adequate values. 

After checking the model fit, statistical significance 
tests were implemented between men and women per 
item and per faculty. T-tests for independent samples 
were used by selecting the faculty samples separately. Re-
sults indicate that significant differences existed only in 
item 7 for female students enrolled in the High Polytech-
nic School (t = 2. 83, df = 130, p ≤ .05).

Finally, Table 7 includes descriptive statistics, by which a 
one-way ANOVA was implemented to analyse possible dif-
ferences between faculties with respect to the total score ob-
tained in the scale. The results indicate that significant differ-
ences were only found between the Faculty of Education and 
the Higher Polytechnic School (mean differences = -2.26, 
p ≤ .05); and between the Faculty of Law and the Higher 
Polytechnic School (mean differences = -2.50, p ≤ .05).

DISCUSSION
The aim of this research was to use IRT modelling to ex-
amine the psychometric properties of a new instrument 

Table 6: Difficulty parameter, standard deviation, and Rhat 
values of Model 2.

Item b parameter Standard deviation Rhat

1 -3.16 .02 1.00
2 -3.14 .02 1.00
3 -3.21 .02 1.00
4 -2.99 .02 1.00
5 -2.92 .03 1.00
6 -2.56 .02 1.00
7 -2.54 .02 1.01

Table 7. Means and standard deviations (SD) per item distributed across faculties.

Item Faculty  
of Education

Faculty  
of Philosophy

Faculty  
of economic 

sciences

Faculty  
of Sciences

Faculty  
of Law

Faculty 
of Health 
Sciences

Higher 
Polytechnic 

school 

1 3.19 (1.00) 3.08(1.04) 3.09(1.98) 3.33(0.85) 3.30(0.85) 3.06(1.10) 3.33(1.00)
2 3.02(1.11) 3.18(1.07) 3.07(1.17) 3.36(0.91) 3.23(0.92) 3.10(1.11) 3.36(0.85)
3 3.07(1.17) 3.36(1.00) 3.12(3.40) 3.40(0.94) 3.38(0.96) 3.11(1.21) 3.40(0.95)
4 2.85(1.23) 3.08(1.14) 2.93(1.24) 3.20(1.06) 3.05(1.08) 2.90(1.27) 3.20(1.07)
5 2.81(1.27) 2.86(1.16) 2.78(1.28) 3.23(1.05) 3.33(1.01) 2.86(1.24) 3.23(1.05)
6 2.48(1.22) 2.54(1.21) 2.56(1.24) 2.89(1.14) 2.56(1.21) 2.43(1.26) 2.89(1.14)
7 2.57(1.24) 2.62(1.24) 2.54(1.23) 2.85(1.13) 2.42(1.16) 2.28(1.24) 2.85(1.13)
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developed to measure students’ satisfaction of tutoring, 
based on the use of transversal competences determined 
at the university system. The two studies represent rele-
vant psychometric investigation and the first IRT model-
ing effort in the general field of dissertation tutoring. IRT 
has been extensively used in the field of educational psy-
chology, such as in student evaluation of teaching (Sán-
chez et al., 2021) or emotional intelligence (Cooper & 
Petrides, 2010; Rubio et al., 2007), and it can be helpful 
in developing and evaluating short measures, matching 
the objective of this study. 

In this setting, the authors of the present study pre-
tend to explore the importance of students’ perspective 
when assessing dissertation tutoring, as a new assessment 
criterion apart from traditional assessment (Bettany-Sal-
tikov et al., 2009). Modern perspectives of student eval-
uation of teaching could then be applied to dissertation 
tutoring, considering beliefs, knowledge and actions as 
main concepts determined by contextual influences (So-
ra ya & Amundsen, 2001). Noting this perspective, in 
Spanish higher education institutions, special efforts have 
been made to consider students as relevant agents of so-
cial and academic development.

Taken together, the studies suggest the final instru-
ment of seven items has appropriate psychometric prop-
erties, considering the nested nature of the data (students 
enrolled in faculties) with a multilevel IRT model when 
a more extended sample is used. The functioning of re-
sponse categories indicated that the four-category struc-
ture did function quite well. It was also observed that the 
model needs to take into account the items’ estimated 
variance, which is the item variability level between fac-
ulties. At the same time, fit parameters show acceptable 
values, indicating the items are measuring a factor of 
students’ level of satisfaction of dissertation tutoring. Ev-
idence of good psychometric properties comes from the 
gender DIF analysis, and the impact of gender difference 
was taken into consideration in this study. No substantial 
gender DIF was found for the remaining seven items of 
the scale.

The analysis also indicates some gender differences; 
concretely in item 7 between men and women enrolled 
in the High Polytechnic School. This difference, howev-
er, cannot be generalized to other faculties, as it can be 
considered a minor difference. Future research may fur-
ther explore this difference by considering new students’ 
cohorts from different years, together with alternative bias 
analysis. 

Despite the positive outcomes of the study, some lim-
itations may need to be addressed in the future. In the 
first place, it should be noted that the data used herein 
were students enrolled only at the University of Alicante. 
Larger samples from other Spanish universities may en-
able both better estimates and comparison of the con-
structs across different social or economic contexts. Sec-
ondly, some important socio-demographic or academic 

variables may impact on the way students value the satis-
faction level of dissertation tutoring. For instance, it is 
possible that teachers with more experience in tutoring 
(e.g., number of years) give more comprehensive feed-
back or support materials. For this reason, further analy-
sis is required to detect possible causes of students rating 
between sample subgroups and efficient vs non-efficient 
teachers’ regarding features associated with dissertation 
tutoring. Such work would further both the reliability 
and validity of the current measurement using diverse 
populations and contexts. Last, it should be necessary to 
analyze whether previous and current students’ achieve-
ment levels affect dissertation tutoring based on profes-
sor-student relationship. Recent studies have indicated 
that achievement levels moderate the positive relation-
ship between individualized Teacher Frame of Reference 
(iTFR) and self-concept (e.g., Helm et al., 2022; Lüdtke 
et al.,2005). At the dissertation tutoring level, professors’ 
characteristics may be even more important to determin-
ing positive students’ self-concept (Dietrich et al., 2005). 
This scale may be considered in further studies to analyze 
these relations in different time points (beginning and 
end of dissertation tutoring periods) and provide useful 
feedback in order to change strategies for intervention. 
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