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Abstract 12 

Wind farm implementation is a rapidly growing source of landscape transformation that may 13 

alter ecological processes such as predator-prey interactions. We tested the hypothesis that wind 14 

farms increase the activity of nest predators and, ultimately, increment ground-nest predation 15 

rates. We placed 18 plots in Iberian shrub-steppes (11 at control and seven at wind farm sites), 16 

each one comprised nine artificial ground-nests (three quail eggs/nest). Artificial nests were 17 

placed during two events: at the beginning (April) and at the end (June) of the breeding season in 18 

2016 (n = 324 artificial nests). We estimated the relative abundance of avian and large 19 

mammalian predators in the surroundings of each plot and recorded nest fate after 12 days 20 

exposure. We also measured variables at landscape and microhabitat scale that potentially affect 21 
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predator abundance and nest predation. Wind farm sites contained higher cover of gravel roads 22 

and more large mammalian predators. Moreover, the abundance of large mammalian predators 23 

increased with surrounding cover of both trees and gravel-roads. Avian predator abundance and 24 

nest predation rates did not differ between control and wind farm sites, though nest predation did 25 

increase with the surrounding cover of crops and gravel roads. Lastly, nest predation was higher 26 

at the end of the breeding season and decreased with moss and lichen cover. Our results support 27 

previous evidence on the increase of mammalian predator abundance as the surface area of 28 

gravel-roads increases, pointing towards a potential mechanism for wind farms leading to rise 29 

ground-nest predation. Future wind energy projects should minimize the development of gravel-30 

roads for wind turbine access or maintenance. 31 

Keywords: breeding success, gravel-roads, INLA-SPDE, mammalian predators, turbine access 32 

roads, wind energy 33 

1. Introduction 34 

The effects of wind farms on birds have been well documented (see e.g., Atienza et al. 2011; 35 

Erickson et al. 2014), with negative consequences on the abundance (De Lucas et al. 2004), 36 

occurrence (Pearce-Higgins et al. 2009; Stevens et al. 2013), space use (Farfán et al. 2009; 37 

Masden et al. 2009; Gómez-Catasús et al. 2019), and population trends (Campedelli et al. 2013; 38 

Gómez-Catasús et al. 2018a) of birds located in the vicinity of wind infrastructures. The direct 39 

effect of mortality through the collision with wind turbines and associated power lines has been 40 

widely recognized (Atienza et al. 2011; De Lucas et al. 2012; Erickson et al. 2014). In addition, 41 

disturbance due to visual, noise, or vibration impacts and barrier effects to movements have been 42 

described as potential sources of spatial displacement (Cabrera-Cruz and Villegas-Patraca 2016; 43 
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Zwart et al. 2016) with important consequences on individuals (e.g., through decrease of 44 

survival, fecundity, or body condition; Martínez-Abraín et al. 2012; Winder et al. 2015) and 45 

ultimately, on populations (Dahl et al., 2012). However, other indirect impacts such as the 46 

potential influence of habitat alteration associated to wind farm implementation on ecological 47 

processes (e.g., predator-prey interactions; Tylianakis et al. 2008) has been scarcely addressed 48 

(Thaker et al. 2018), and the need of further research on this topic has been highlighted 49 

(Rubenstahl et al. 2012; Hatchett et al. 2013; Gillespie and Dinsmore 2014; Smith and Dwyer 50 

2016). Wind farm implementation could lead to changes in predator abundance, which in turn 51 

could explain some indirect impacts of wind farms on avian survival and breeding success 52 

(Smith and Dwyer 2016). Indeed, habitat changes associated with other human-made structures, 53 

such as natural gas infrastructures, have been previously discussed as potential drivers of bird 54 

population declines through the increase in nest predation rates (Hethcoat and Chalfoun 2015a), 55 

among other mechanisms.  56 

Landscape transformation associated with wind farm development may alter predation-prey 57 

interactions by increasing the abundance of potential predators, or favouring habitat utilization 58 

by predators. The installation of linear corridors, such as access gravel-roads to wind turbines, 59 

could act as movement pathways for potential mammalian predators (Trombulak and Frissell 60 

2000; Frey and Conover 2006; Van Der Ree et al. 2015), generating shifts in the structure and 61 

composition of communities (e.g., augmentation of generalist predators; Degregorio et al. 2014; 62 

Hethcoat and Chalfoun 2015a). Additionally, collision events with wind turbines might attract 63 

avian and mammalian predators (Rogers et al. 2014) because of the higher availability of food 64 

resources in their vicinity, as has been described from roadkill carcasses (Van Der Ree et al. 65 

2015). Otherwise, a myriad of factors at landscape and microhabitat scale not related to wind 66 
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farm implementation may also affect habitat utilization by predators and nest predation rates. 67 

Landscape features, such as crops and forested areas, offer food and shelter for both mammalian 68 

and avian predators (Rodríguez-Pastor et al. 2016; Krüger et al. 2018), leading to higher 69 

predation rates in nests located closer to forest- or field-edges (Krüger et al. 2018; Ponce et al. 70 

2018). Moreover, elevated structures such as trees are often used by avian predators as lookouts 71 

in search of prey (Widen 1994) and thus, nest survival may increase with distance from these 72 

structures (Ottvall et al. 2005). At the microhabitat scale, nest concealment increases with ground 73 

vegetation cover or height, negatively affecting nest predation rates (Whittingham and Evans 74 

2004; Buehler et al. 2017; Ponce et al. 2018). Lastly, nest predation may vary among seasons 75 

(Evans et al., 2005; but see Calero-Riestra et al., 2013; Ponce et al., 2018), and these seasonal 76 

fluctuations might be associated with changes in predator activity or predator community 77 

(Hatchett et al. 2013). 78 

The shrub-steppe is a crucial habitat for protecting avian biodiversity, as many shrub-steppe bird 79 

species have suffered long-term population declines across their range (Burfield 2005; BirdLife 80 

International 2015; Escandell 2017). Avian species linked to open environments, such as shrub-81 

steppes, often nest on the ground as expected by the evolution of their nesting strategies and the 82 

structural simplicity of the landscapes they inhabit, making them prone to suffering high nest 83 

predation rates (Yanes and Suarez 1995). Indeed, predation has been described as the main cause 84 

of nest failure in open-land ground-nesting passerines (Calero-Riestra et al., 2013; Pérez-85 

Granados et al., 2017; Ricklefs, 1969; Wright et al., 2009), and it is considered as a key factor 86 

limiting reproductive success and population viability (Martin 1993), especially in small 87 

populations (Vögeli et al. 2011). Therefore, open-land ground-nesting species maintain a fragile 88 

balance between reproductive success and predation risk, and increases in nest predation rates 89 
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caused by human-induced changes and local habitat disturbances (Suárez et al. 1993) may 90 

compromise the viability of open-land bird populations (Vögeli et al. 2011). Landscape 91 

transformations from wind farm development are growing sources of habitat degradation in 92 

shrub-steppes (Laiolo and Tella 2006), and slight increases in local predator abundance and nest 93 

predation rates in the vicinity of wind infrastructures might be a mechanism underlying the 94 

detected impacts on upland bird populations (Gómez-Catasús et al. 2018a; Fernández-Bellon et 95 

al. 2019).  96 

In this study, we address the effect of wind farms on nest predator abundance and ground-nest 97 

predation rates in shrub-steppes. The specific objectives of our study were to: 1) assess the effect 98 

of wind farm occurrence on potential mammalian and avian nest-predator abundance, taking into 99 

account other landscape features that may influence habitat utilization by predators; and 2) 100 

evaluate the effect of wind farms on ground-nest predation through an artificial-nest predation 101 

experiment, controlling other factors measured at landscape (i.e., indices of predator abundance, 102 

landscape features, and proximity to sources of potential predators) and at microhabitat scale 103 

(i.e., plant structure) potentially affecting nest predation rates. We hypothesized that the 104 

development of turbine access gravel-roads associated with the implementation of wind farms 105 

would favour habitat utilization by predators (Van Der Ree et al. 2015). According to this 106 

hypothesis and the expected increase in food resources in the vicinity of wind turbines from 107 

collision fatalities, we predicted that the increase in nest-predator abundance would also lead to 108 

increased ground-nest predation rates. This work will allow to deepen our knowledge on indirect 109 

impacts of wind farms on wildlife, as well as disentangle the mechanisms explaining the effect of 110 

these infrastructures on the abundance, occurrence and trends of bird populations (De Lucas et 111 

al. 2004; Stevens et al. 2013; Gómez-Catasús et al. 2018a). 112 
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2. Methods and Materials 113 

2.1 Study area 114 

The study area is the “Tierra de Medinaceli” region located in the south of Soria province 115 

(central Spain; 2°26′35.1″W, 41°11′28.9″N; c. 1,200 m a.s.l.; Fig. 1) that covers around 200 km2. 116 

The climate is Continental Mediterranean, with a mean temperature of 10.6°C and a mean annual 117 

rainfall of 500 mm. The landscape is a flat, short shrub steppe dominated by Genista pumila, G. 118 

scorpius, Thymus spp., and Linum spp. (Garza et al. 2005). Cereal fields, ploughings, and conifer 119 

afforestations, subsidized by the Common Agricultural Policy (CAP) of the European Union, are 120 

interspersed. Bird community is composed by shrub-steppe birds nesting on the ground such as 121 

black-eared wheatear (Oenanthe hispanica), Dupont’s lark (Chersophilus duponti), greater short-122 

toed lark (Calandrella brachydactyla), red-legged partridge (Alectoris rufa)¸ thekla's lark 123 

(Galerida theklae), Eurasian skylark (Alauda arvensis), and tawny pipit (Anthus campestris), 124 

among others. 125 

The Medinaceli Wind Resource Area is located in this region (Fig. 1) and it is composed of nine 126 

wind farms, each consisting of 10–32 turbines of 2000–2300 kW each. The landscape is 127 

fragmented as a result of natural (geological) processes and human activities, leading to shrub-128 

steppes patches (see detailed information about study area in Gómez-Catasús et al. 2019). A total 129 

of 18 plots (ranging between one and two per shrub-steppe patch) were placed, 11 in the absence 130 

(hereafter control sites) and seven in the presence of wind farms (hereafter wind farm sites; Fig. 131 

1). All plots were located 50 m from the nearest gravel-road (i.e., unpaved road surfaced with 132 

gravel) or path (i.e., track made by the transit of vehicles) to facilitate access, and were separated 133 

by a minimum distance of 1 km. Apart from the presence or absence of wind turbines, patches 134 
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with and without wind farms were of similar size (Mean ± SD; 135.06 ± 160.92 ha vs. 85.52 ± 135 

59.52 ha in patches with and without wind farms, respectively; One-way ANOVA, F-value= 136 

0.70, p = 0.42) and elevation (1164 ± 86 m vs. 1113 ± 58 m; One-way ANOVA, F-value = 1.75, 137 

p = 0.21). 138 

2.2 Abundance of large mammalian and avian predators 139 

In May 2016 and along one 500-m transect per plot, we counted all scat belonging to large 140 

mammals commonly described as nest predators in shrub-steppes (Pérez-Granados et al. 2017; 141 

Suárez et al. 1993; Yanes and Suarez 1996). Number of scats was used as a proxy of large 142 

mammalian predator abundance (Güthlin et al. 2014). Transects were conducted along the access 143 

path or gravel-road to the plot, and they were centred in order to be representative of the whole 144 

plot (Fig. 1). Transects were walked at constant speed and all scat found up to 1 m from both 145 

sides of the observer were recorded and identified to species level (Bang et al. 2007). Scats that 146 

could not be identified to species level were classified as unknown. 147 

The abundance of avian predators was recorded from April to June 2016 using point-count 148 

stations. Point-count stations were distributed over the study period, performing at least one 149 

point-count station per month (April, May and June) in each plot. They were carried out by a 150 

single observer, and under similar favourable weather conditions (i.e., absence of precipitation 151 

and fog). Point-count stations (n = 188) were located both at the centre of each plot and 152 

randomly spread throughout the study area, at distances from 68.3 up to 894.7 m to the centre of 153 

the plot (mean ± SD = 475.2 ± 258.6 m). All potential avian nest predators (in accordance with 154 

Suárez et al. 2009) sighted in a 500 m buffer around the point-count station were recorded, but 155 

only those located within a 1 km radius around each plot were considered in subsequent 156 

analyses. In case of the slightest indication that two observations belonged to the same 157 
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individual, one of them was discarded. Number of point-count stations in each plot ranged 158 

between 9 and 40 (10.44 ± 3.31) and they extended between 20 and 410 mins (71.58 ± 79.07 159 

mins), from sunrise to 2 p.m. Total effort time per plot ranged between 3.75 and 34.70 hours 160 

(12.48 ± 11.20 h). Due to its random distribution, number of point-count stations located in the 161 

surroundings of each plot and their duration differed between plots; therefore, the sampling effort 162 

(i.e. number and duration of point-count stations) assigned to each plot was incorporated as an 163 

offset in posterior analyses (see 2.5 Statistical analysis).  164 

2.3 Nest predation experiment 165 

We placed nine artificial nests at each plot. Artificial nests were placed in a cross-shape and at 50 166 

metres interval (Fig. 1). Under this layout, plots at wind farm sites were comprised of artificial 167 

nests located in a distance gradient to wind turbines (Fig. 1). Artificial nests were placed in the 168 

same location in two sampling periods in 2016: at the beginning (April) and at the end (June) of 169 

the breeding season. Artificial nests were monitored after 12 days, which corresponds to the 170 

average incubation period of ground-nesting species inhabiting in the study area (e.g., 11 days 171 

Eurasian skylark, 12 days Dupont’s lark, 14 days tawny pipit; Calero-Riestra et al. 2013; Pérez-172 

Granados et al. 2017; Suárez et al. 2009, 2005). Artificial nests were considered as predated 173 

when at least one egg was either absent or damaged. Artificial nests damaged by ants were 174 

discarded (n = 3) because they had holes that might attract predators or invalidate the artificial 175 

nest. In addition, a whole plot (i.e., nine artificial nests) was discarded during the second 176 

sampling period due to the placement of beehives in the surroundings, which may have affected 177 

predator’s behaviour. Thus, a total of 161 (99 at control and 62 at wind farm sites) and 151 (89 at 178 

control and 62 at wind farm sites) artificial ground-nests were monitored during the first and 179 

second sampling period, respectively (total of 312 artificial nests). 180 
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Artificial nests were placed that resembled local natural nests. They were laid on the ground 181 

oriented towards N-NE (Yanes et al. 1996; Pérez-Granados et al. 2017) and next to a small 182 

shrub, covering ca. 50% of the surface area occupied by the artificial nest (see Online Appendix 183 

A). We tried to avoid differences in microhabitat variables in order to minimize their effect on 184 

predation rates, although they were incorporated in the analysis in order to control for their 185 

potential effect (see 2.4 Explanatory variables). Artificial nests were placed in a scrape dug into 186 

the ground with no lining, minimizing handling to avoid human odour that could attract 187 

predators. Artificial nests were baited with three quail (Coturnix coturnix) eggs. All eggs had the 188 

same origin, and they were handled under the same conditions (i.e. water-washed hands and 189 

rubber protective gloves). One of the three eggs was emptied, filled with plaster, and tied to a 190 

shrub with monofilament to avoid removal by predators and in order to potentially identify 191 

predator class (i.e., large/small mammalian or avian) using the cues left at the plaster. Highly 192 

disturbed artificial nests (i.e., the plaster egg was torn and detached from the monofilament) 193 

where the vegetation in the surroundings was matted down and/or the soil removed, were 194 

considered indicative of large mammalian or mesocarnivore predators. Remains of eggshell at 195 

the artificial nest and marks from pecks on the plaster egg were considered indicative of bird 196 

predation. Similarly, eggshell remains and small marks on the plaster egg clearly resembling the 197 

teeth of a small rodent were considered indicative of small mammal predation. In the absence of 198 

clear cues, potential nest predator was classified as unknown. Similar criteria for distinguishing 199 

these classes of nest predators have been employed before (Best 1978; Yanes and Suarez 1996). 200 

2.4 Explanatory variables 201 

We characterized artificial nest locations at two spatial scales: 1) landscape scale, referring to the 202 

habitat surrounding the artificial nest (i.e., measured in a 500-m radius-buffer around the centre 203 
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of each plot, hereafter plot level), and 2) microhabitat scale, referring to the immediate 204 

surrounding of the artificial nest (i.e., measured at/from the artificial nest, hereafter nest level). 205 

At the plot level, we considered wind farm occurrence, landscape features, and two indices of 206 

predator abundance (Table 1). At the nest level, we incorporated the sampling period, the 207 

proximity to sources of potential predators, and plant structure (Table 1). 208 

Wind farm occurrence – Presence/absence of wind turbines in the shrub-steppe patch where plots 209 

were located. 210 

Sampling period – In order to control for potential seasonal patterns on nest predation rates 211 

(Evans et al. 2005), we recorded the period at which the artificial nests were located (i.e., at the 212 

beginning or at the end of the breeding season). 213 

Landscape features – We characterized the landscape in a 500-m buffer around each plot (Fig. 214 

1). We employed the Land Cover and Use Information System of Spain (SIOSE 2011) to 215 

measure the surface area of the three major land-use types present in the study area: gravel-roads, 216 

crops, and trees. These variables were calculated with the software QGIS 2.14.0 (Quantum GIS 217 

Development Team 2019). 218 

Proximity to sources of potential predators – We measured the distance from each artificial nest 219 

to landscape structures that may be source of potential predators: distance to the nearest 1) tree; 220 

2) crop; and 3) path or gravel-road. The distance to the nearest tree was estimated in the field 221 

using a laser rangefinder (Leica 1200RF), whereas all the remaining variables were calculated in 222 

QGIS 2.14.0 (Quantum GIS Development Team 2019). 223 

Indices of predator abundance – Relative abundance of large mammalian (scat counts) and avian 224 

predators per plot (see 2.2. Abundance of mammalian and avian predators). 225 
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Plant structure – We carried out one vegetation sampling at each artificial nest location to 226 

control for the potential effect of microhabitat on the probability of nest predation. Vegetation 227 

structure was measured in 1x1 m quadrats to record nest concealment, placing the artificial nest 228 

in the centre of the quadrat. We measured 13 vegetation structure variables describing cover 229 

(horizontal structure) and architecture (vertical structure) at each artificial nest (see Rotenberry 230 

and Wiens 1980 or Morales et al. 2008 for a similar approach). The importance of sampling both 231 

structures (horizontal and vertical) relies on the effect of cover and height on nest concealment 232 

and ultimately, on nest predation (Barrientos et al. 2009; Ponce et al. 2018). In each quadrat we 233 

measured the following variables related with vertical plant structure: 1) maximum height; and 234 

number of contacts at 2) 0-5 cm; 3) 5-10 cm; 4) 10-30 cm; and 5) above 30 cm height. 235 

Additionally, we measured several descriptors of horizontal structure: 1) total vegetation cover 236 

(%); 2) bare ground cover; 3) rock cover; 4) shrub cover; 5) perennial and annual herbaceous 237 

cover; 6) detritus cover; 7) lichen cover; and 8) moss cover. 238 

2.5 Statistical analysis 239 

Fixed covariates were z-standardized (i.e., mean 0 and standard deviation 1) and tested for 240 

collinearity prior to data analysis, retaining those predictors with a generalized variance inflation 241 

factor (GVIF) lower than 2 (Fox and Monette 1992). 242 

2.5.1. Plant structure 243 

Regarding the variables describing plant structure (Table 1), we carried out Principal Component 244 

Analysis (PCA) to reduce the number of predictors and to obtain interpretable gradients from an 245 

ecological point of view. Two different PCAs were carried out incorporating those variables 246 

related with: 1) vertical plant structure; and 2) horizontal plant structure. We retained those 247 
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components with an eigenvalue greater than 1. The function prcomp of the package “stats” from 248 

the R software (v.3.6.2; R Core Team, 2019) was used. 249 

2.5.2. Relationship between wind farm occurrence and gravel-roads 250 

In order to identify whether gravel-roads were related to wind farm occurrence, we fitted two 251 

linear models (Gaussian error distribution) to determine the best specification of random effects: 252 

1) a spatial model, with a spatial random effect to control for potential spatial dependency (more 253 

details below); and 2) a non-spatial model, without random effects. In both models, we 254 

incorporated the surface area of gravel-roads as response variable and the factor ‘wind farm 255 

occurrence’ as predictor. Spatial and non-spatial models were compared using the Watanabe-256 

Akaike information criterion (wAIC; Watanabe 2010), in which lower values means better fit. 257 

We only present the results for the best model (lowest wAIC value), and we selected the spatial 258 

model in case of similar wAIC values (i.e., ΔwAIC ≤ 2) because it produces more conservative 259 

results (Zuur et al. 2017).  260 

The spatial model was fitted to account for potential non-independence of data collected from 261 

nearby plots. This was carried out by incorporating a spatial random effect using Integrated 262 

Nested Laplace Approximation with Stochastic Partial Differential Equations (INLA-SPDE; 263 

Lindgren et al. 2011). This method is an efficient and accurate way to model ecological data 264 

while accounting for spatial and temporal dependencies (e.g., Myer et al., 2017; Ward et al., 265 

2015). Briefly, spatial dependency is accounted for using a latent Gaussian Markovian Random 266 

Field (GMRF) and the covariance matrix of the spatial residual term is approximated via SPDE 267 

framework. For that, we built a two-dimensional irregular grid (i.e., mesh) using a non-convex 268 

boundary for the coordinates of all plots, and with a buffer zone in order to avoid edge effects for 269 

the bordering vertices (Zuur et al. 2017) (see Online Appendix B). We used Penalized 270 
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Complexity priors (PC; Simpson et al. 2017) for the SPDE parameters to penalize the complexity 271 

of the GMRF and thus, control flexibility, reduce over-fitting, and improve predictive 272 

performance (Simpson et al. 2017; Fuglstad et al. 2019; Gómez-Rubio 2020). In accordance with 273 

the study spatial dimension and the data, we set an uninformative PC-prior for the range (i.e., the 274 

distance at which the spatial dependency diminish, 𝑟𝑟) so that 𝑃𝑃(𝑟𝑟 < 7) = 0.5, since 50% of the 275 

distances between plots were ca. 7 km, and a PC-prior for the standard deviation where 𝑃𝑃(𝜎𝜎 >276 

3) = 0.05. 277 

2.5.3. Predator abundance 278 

Due to the positive relationship between wind farms occurrence and the surface area of gravel-279 

roads (see 3. Results) we assessed the effect of both predictors on predator abundance 280 

independently. Thus, we carried out two independent analyses for each response variable (large 281 

mammalian and avian predator abundance): 1) addressing the effect of wind farm occurrence per 282 

se (factor ‘wind farms occurrence’ (presence/absence) as predictor); and 2) assessing the effect 283 

of landscape features that may affect habitat use by predators (landscape predictors measured at 284 

the plot level: surface area of gravel-roads, trees, and crops). In each set of analyses, we fitted a 285 

spatial and a non-spatial Poisson model (count data, log-link function). Both models were 286 

compared using wAIC to determine the best specification of random effects, and the best model 287 

was selected following the same procedure explained in 2.5.2. Relationship between wind farm 288 

occurrence and gravel-roads. In the case of avian predator abundance, we incorporated an offset 289 

to account for differences on sampling effort: the logarithm of the total time invested per plot. 290 

Overdispersion was assessed simulating 1,000 datasets from the model and calculating the 291 

dispersion statistic (Pearson residuals) for each simulated dataset 𝐷𝐷|𝑚𝑚𝑚𝑚𝑚𝑚𝑚𝑚𝑚𝑚. Then, we compared 292 

the dispersion statistic of the observed data 𝐷𝐷|𝑚𝑚𝑑𝑑𝑑𝑑𝑑𝑑 with the distribution of the dispersion 293 
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statistic for the simulated data 𝐷𝐷|𝑚𝑚𝑚𝑚𝑚𝑚𝑚𝑚𝑚𝑚. When 𝑃𝑃(𝐷𝐷|𝑚𝑚𝑑𝑑𝑑𝑑𝑑𝑑 > 𝐷𝐷|𝑚𝑚𝑚𝑚𝑚𝑚𝑚𝑚𝑚𝑚) was either ≥ 0.975 294 

(overdispersion) or ≤ 0.025 (underdispersion), the model was rejected. 295 

2.5.4. Probability of nest predation 296 

We split the set of predictors potentially affecting nest predation rates into three groups in order 297 

to avoid model overparameterization (Table 2). These groups were defined on the basis of two-298 

fold criteria: 1) absence of collinearity among predictors; and 2) whether predictors were 299 

descriptors of the context or predator abundance, landscape, or microhabitat. For each set of 300 

predictors, we fitted a spatial and a non-spatial Bernoulli model (1 predated, 0 non-predated; log-301 

link function), which were compared using wAIC values to select the best partial model (see 302 

2.5.2. Relationship between wind farm occurrence and gravel-roads for further explanation). 303 

Lastly, we fitted two Bernoulli models (spatial and non-spatial) incorporating only those 304 

predictors that showed an effect (i.e., 95% BCI for a given regression parameter did not contain 305 

zero) on the probability of nest predation in each partial model. Spatial and non-spatial Bernoulli 306 

models were compared by wAIC to select the best final Bernoulli model. 307 

We fitted spatial models to account for non-independence of data collected from nearby artificial 308 

nests using the INLA-SPDE approach (same PC-priors for the SPDE parameters than in 2.5.2. 309 

Relationship between wind farm occurrence and gravel-roads). We built a two-dimensional 310 

irregular grid (i.e., mesh) using a non-convex boundary for the geographic coordinates of the 311 

artificial nests and with a buffer zone in order to avoid edge effects for the bordering vertices 312 

(Zuur et al. 2017) (see Online Appendix B). For the non-spatial model, we incorporated the 313 

artificial nest ID nested within plot as a random intercept to account for multiple observations 314 

from each artificial nest across plots (i.e., repeated-measures design, two sampling periods within 315 
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the same year). All models described above were fitted using the R package “INLA” (Rue et al. 316 

2009) in the free R software (v.3.6.2; R Core Team 2019). We used INLA default prior 317 

distributions for the intercept 𝛼𝛼 ~𝑁𝑁(0,0), and the regression coefficients 𝛽𝛽 ~ 𝑁𝑁(0, 1000) 318 

(Gómez-Rubio 2020). Parameter estimates were reported as the posterior mean (β), associated 319 

standard deviation (SD) and the 95% Bayesian Credible Interval (95% BCI). We considered 320 

predictors to have an effect on the response variable when the parameter’s 95% BCI did not 321 

overlap zero (Zuur et al. 2017). 322 

3. Results 323 

3.1. Plant structure 324 

The PCA on horizontal vegetation structure variables yielded four components (76.31% of total 325 

variance) explaining 28.41%, 18.94%, 15.90%, and 13.07% of variance, respectively (see Online 326 

Appendix C). The first component PC1Hor represented a gradient on vegetation cover since it 327 

was positively associated with total vegetation cover (correlation coefficient = 0.85) and 328 

herbaceous cover (0.76), and negatively with bare ground cover (-0.75). The second component 329 

PC2Hor was positively associated with shrub cover (0.89) and negatively with rock cover (-330 

0.58). The third component PC3Hor was negatively related with detritus (-0.68) and moss cover 331 

(-0.69), and the fourth component PC4Hor defined a negative gradient of lichen cover (-0.72). 332 

On the other hand, the PCA on the vertical vegetation structure variables yielded two 333 

components (62.89% of total variance, see Online Appendix C) which explained 41.63% and 334 

21.27% of variance, respectively. The first component PC1Ver defined a positive gradient on the 335 

number of contacts below 30 cm: number of contacts at 0-5 cm (0.67), 5-10 cm (0.77), and 10-30 336 
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cm (0.83). Lastly, the second component PC2Ver defined a negative gradient on maximum 337 

vegetation height (-0.78). 338 

3.2. Relationship between wind farm occurrence and gravel-roads 339 

The spatial model performed better (wAIC= -106.7) than the non-spatial model (wAIC= 30.6; 340 

Online Appendix D). The surface area of gravel-roads was higher at wind farm sites (β ± SD = 341 

1.74 ±; 95% BCI = [1.19; 2.31]; Fig. 2). 342 

3.3. Predator abundance 343 

Relative abundance of large mammalian predators (i.e., scat counts) ranged between zero and six 344 

per plot (mean ± SD = 1.22 ± 2.02). Scats belonged to red fox (Vulpes vulpes; 68.2%), domestic 345 

or feral dog (Canis lupus familiaris; 22.7%), and wild boar (Sus scrofa; 9.1%). The number of 346 

avian predators recorded per hour ranged between zero and 0.74 (mean ± SD = 0.18 ± 0.22). 347 

Potential avian predators registered were: carrion crow (Corvus corone; 48.8%), common raven 348 

(Corvus corax; 21.9%), Eurasian magpie (Pica pica; 17.1%), and Montagu’s harrier (Circus 349 

pygargus; 12.2%). 350 

Comparison of wAIC values indicated that spatial Poisson models performed better or 351 

similarlythan non-spatial models (delta-wAIC between 0.01 and 27.7; Online Appendix D), 352 

except for the model addressing the effect of landscape features on the relative abundance of 353 

large mammalian predators for which the non-spatial model was selected (non-spatial model 354 

wAIC= 69.9 and spatial model wAIC= 6.1 x 1017). However, parameter estimates were similar 355 

across both spatial and non-spatial models in all cases (see Online Appendix D). Poisson models 356 

did not show indications of overdispersion (Online Appendix E). The relative abundance of large 357 

mammalian predators was higher at wind farm sites (β ± SD= 2.33 ± 1.34; 95% BCI = [0.17; 358 
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5.51]) compared with control sites. However, the abundance of avian predators did not differ 359 

between control and wind farm sites (β ± SD = 0.09 ± 0.50, BCI = [-0.93; 1.07]). Regarding the 360 

effect of landscape features on predator abundance, the surface area of gravel-roads and trees had 361 

a positive effect on the relative abundance of large mammalian predators (Fig. 3; Table 3), 362 

whereas landscape variables did not influence the relative abundance of avian predators (Table 363 

3). 364 

3.4. Probability of nest predation 365 

During the first survey at the beginning of the breeding season, a total of 22 out of 161 artificial 366 

nests (13.6%) were predated, whereas 34 out of 151 artificial nests (22.5%) were predated at the 367 

end of the breeding season (i.e., second sampling period). Thus, a total of 56 artificial nests were 368 

predated during this experiment, which results in an average predation rate of 17.9%. Twenty-369 

seven out of the 56 artificial nests predated during the whole study period (48.2%) were located 370 

at wind farm sites and 29 predated artificial nests (51.8%) were located at control sites. 371 

Moreover, 38 artificial nests (67.9%) showed signs of large mammalian predation, five artificial 372 

nests (8.9%) of bird predation, and five artificial nests (8.9%) of small mammal predation. Eight 373 

artificial nests (14.3%) did not show clear cues and we were unable to identify predator species. 374 

Comparison of wAIC values indicated that spatial Bernoulli models performed better or similarly 375 

than non-spatial models. Thus, we present results from spatial Bernoulli models although 376 

parameter estimates were similar across both models (see Online Appendix D).  The final spatial 377 

Bernoulli model incorporating all important predictors from the partial models (Table 4) showed 378 

that the probability of nest predation differed between sampling periods, being higher at the end 379 

of the breeding season (Table 5). Additionally, the probability of nest predation increased when 380 
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the cover of moss and detritus was lower around the nest (i.e., positive effect of PC3Hor; Table 381 

5), and when the surface area of gravel-roads and crops increased (Table 5; Fig. 4). Wind farm 382 

occurrence and the relative abundance of large mammalian and avian predators did not affect 383 

nest predation (Table 4). 384 

4. Discussion 385 

Our results suggest that wind farms might increase nest predation rates through the increase in 386 

relative abundance of large mammalian predators. Although wind farms did not directly increase 387 

nest predation rates, we did see higher relative abundance of large mammalian predators there. 388 

We also found that gravel-roads, which are more abundant on wind farms, were associated with 389 

increased relative abundance of large mammalian predators and increased nest predation rates. 390 

This connection points to a potential mechanism underlying the previously detected impact of 391 

wind farms on population trends of an endangered shrub-steppe species in the study area, the 392 

Dupont’s lark (Gómez-Catasús et al. 2018a), since displacement or changes in nest-site selection 393 

seems unlikely given the overall declining population trends experienced by the species (Gómez-394 

Catasús et al. 2018b), including those populations in the absence of wind farms (Gómez-Catasús 395 

et al. 2018a). In this previous study, we observed that the Dupont’s lark  experienced a 21% 396 

average annual decline in the presence of wind farms, ca. four times higher than in those 397 

populations in the absence of wind infrastructures (5.8% average annual decline; Gómez-Catasús 398 

et al. 2018a). The last finding of our research highlights the negative effect of crops interspersed 399 

in natural steppe landscapes on ground-nest predation rates. This result, together with the effect 400 

of gravel-roads, suggests that transformations of the shrub-steppe landscape may jeopardize 401 

populations of bird species already in a critical conservation status. 402 
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Wind farm implementation is a growing source of landscape transformation in shrub-steppes 403 

(Laiolo and Tella 2006; Garza and Traba 2016), which in addition to introducing high turbines 404 

with important effects on visibility and bird and bat mortality (Erickson et al. 2014), increases 405 

the surface area of access-roads, as demonstrated in this work (Fig. 2). The effect of human-406 

made structures and associated habitat modifications on the predator community has been 407 

previously described (Hethcoat and Chalfoun 2015a; Sanders and Chalfoun 2019), but it has 408 

been scarcely addressed for wind infrastructures (Thaker et al. 2018). In this work, the relative 409 

abundance of large mammalian predators was higher at wind farm sites, while avian predator 410 

abundance did not differ between control and wind farm sites. Habitat alteration associated to 411 

wind farm implementation is one potential mechanism explaining this effect because the 412 

abundance of large mammalian predators was positively associated with the surface area of 413 

gravel-roads around plots. This result is consistent with a wider body of evidence highlighting 414 

the role of roads as movement pathways for mammalian predators (Trombulak and Frissell 2000; 415 

Frey and Conover 2006; Van Der Ree et al. 2015), increasing the abundance of generalist 416 

predators (Degregorio et al. 2014; Hethcoat and Chalfoun 2015a). Another potential mechanism 417 

could be the attraction of mammalian predators to the surroundings of wind turbines due to the 418 

higher availability of food resources in the form of collision fatalities, similar to the attraction 419 

behaviour that has been described in some species from roadkill carcasses (Van Der Ree et al. 420 

2015). The surface area of trees was also positively related with the relative abundance of large 421 

mammalian predators. Krüger et al. (2018) already highlighted the concentration of mammalian 422 

predator activity in areas closer to the forest edge. Among the predators identified in this study, 423 

the red fox and the wild boar show high ecological plasticity using mosaic landscapes that 424 

alternate shrub, forests, and crops (López-Martín 2010; Fernández-Llario 2017). Thus, forested 425 
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areas may offer shelter and food for mammalian predators, potentially explaining the higher 426 

relative abundance of these predators in the surroundings. 427 

Wind farms may cause avoidance behaviour in upland bird species (Pearce-Higgins et al. 2009), 428 

and has been discussed as a potential driver of lower avian predator abundance or richness in the 429 

surroundings of these infrastructures (Garvin et al. 2011; Keehn and Feldman 2018; Thaker et al. 430 

2018). In this study, the abundance of avian predators was not affected by either the presence of 431 

wind farms or by the landscape features in the surroundings. One possible explanation is that 432 

control and wind farm plots were located relatively close (mean ± SD = 3.28 ± 0.92 km) 433 

compared to home-range sizes of the avian species recorded, and hence both plots with and 434 

without windfarms may fall within the home range of a single individual. Moreover, the species 435 

forming the predator assemblage (corvids and harriers) in our study area may show complex and 436 

species-specific responses (Chalfoun et al. 2002; Tewksbury et al. 2006), hindering detection of 437 

a common effect on the avian predator community as a whole. The probability of collision and 438 

thus avoidance rates at wind turbines depends on myriad factors such as species-specific flight 439 

behaviour and morphology (Barrios and Rodríguez 2004; De Lucas et al. 2008). Some raptors 440 

and less manoeuvrable species have shown clear patterns of avoidance of wind turbines (De 441 

Lucas et al. 2008), but there are equivocal evidences about the effect of wind farms on the 442 

collision risk and avoidance behaviour of corvids and harriers (Devereux et al. 2008; Wilson et 443 

al. 2017; Bose et al. 2018), potential avian predators that co-occurred in our study area. 444 

Similarly, the absence of effect of landscape features could be because avian predators present in 445 

our study area differ in their habitat requirements or because the 500-m buffer that we used to 446 

characterize the landscape may not be big enough to capture the habitat used for avian predators. 447 

Therefore, local abundance of avian predators could not be explained through landscape features 448 
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or habitat changes induced by the implementation of wind turbines in shrub-steppes, and further 449 

research is needed to address predator-specific responses. In any case, birds have been described 450 

as uncommon nest predators in shrub-steppes (Calero-Riestra et al. 2013; Pérez-Granados et al. 451 

2017; Yanes and Suarez 1996) and our results suggest that their density is low in the study area 452 

(mean ± SD = 0.18 ± 0.22 avian predators per hour). 453 

We found that the probability of nest predation was higher at the end of the breeding season 454 

(June) as compared to the beginning of the breeding season (April). Our results are in agreement 455 

with previous studies that also reported an increase on the probability of nest predation later in 456 

the breeding season (Evans et al. 2005; Grant et al. 2005; but see Calero-Riestra et al. 2013). 457 

This pattern might be associated with an increase on predator activity over the season (Hatchett 458 

et al. 2013), due to a higher abundance of post-breeding adults and dispersal juveniles at the end 459 

of the breeding season. Indeed, potential trade-offs have been described in multi-brooded 460 

species, and specifically in ground-breeders, associated with early nesting at the beginning of the 461 

breeding season even though optimal conditions have not been reached at that moment (i.e., 462 

lower food availability), compared with later broods at the end of the breeding season when food 463 

availability is higher but also the risk of predation (Evans et al. 2005). 464 

On the other hand, the probability of nest predation was not affected either by the occurrence or 465 

the proximity to wind turbines. Previous studies did not detect an effect of wind turbines on nest 466 

survival (Hatchett et al. 2013; Gillespie and Dinsmore 2014), while others detected an increase 467 

on nesting success closer to turbines probably due to a lower activity of raptors in the vicinity of 468 

wind farms (Rubenstahl et al. 2012). However, most of these studies did not incorporate 469 

measures of landscape changes associated to wind energy development, which may be better 470 

indices for quantifying the effects of wind energy development on nest predation rates. For 471 
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instance, Hethcoat and Chalfoun (2015b) found that in natural gas development facilities, well 472 

density resulted in overly conservative estimates of nest survival probability, whereas predictors 473 

quantifying landscape transformation (i.e., sagebrush habitat loss) negatively influenced nest 474 

survival rates. Similarly, Mahoney and Chalfoun (2016) reported an increase on nesting success 475 

as turbine density decreased. In accordance with these results, we did not detect a direct effect of 476 

wind turbine occurrence on the probability of ground-nest predation, but we did find evidence 477 

for a positive effect of the amount of gravel-roads in the surroundings, a landscape 478 

transformation associated with wind farm implementation (Fig. 2). Indeed, the probability of nest 479 

predation drastically increased above 2 ha of gravel-roads (i.e., 2.5% of the surface area covered 480 

by the 500 m buffer around each plot at which the landscape was characterized; Fig. 4) and a 481 

25% predation probability was reached at 4 ha (i.e., 5% of the total surface area; Fig. 4), 482 

suggesting that small proportions of this landscape feature can compromise the breeding success 483 

of ground-nest breeders. 484 

Consistent with our predictions, the relative abundance of large mammalian predators and the 485 

probability of nest predation were higher in shrub-steppe patches with a higher surface area of 486 

gravel-roads. However, no direct effect of predator abundance indices, either avian or large 487 

mammalian, on the probability of nest predation was detected. One possible explanation is that 488 

the samplings of the relative abundance of large mammalian (late May) and avian predators 489 

(from April to June) are decoupled from each specific nest predation experiment (April and June, 490 

respectively), hindering to detect an effect on the probability of nest predation. Moreover, nest 491 

predation could depend on the activity of a particular predator species and not on the whole 492 

predator assemblage (Benson et al. 2010; Hethcoat and Chalfoun 2015a). Lastly, one pitfall of 493 

our study design is that abundance of other potential predators, also linked to roads, was not 494 
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properly surveyed. This is the case for small mammals or reptiles, which have been recorded as 495 

potential predators of our artificial nests (8.9% of the artificial nests for small mammals) and 496 

described as common nest predators in shrub-steppes (garden dormouse Elyomis quercinus, 497 

ocellated lizard Timon Lepidus, and lataste viper Vipera latastei; Pérez-Granados et al. 2017; 498 

Suárez et al. 1993; Yanes and Suarez 1996). Roadside verges have been described as refuges for 499 

small mammals (Ruiz-Capillas et al. 2013) and are used by reptiles for thermoregulation (Ashley 500 

and Robinson 1996). Indeed, other studies have reported cascade impacts of wind farms on the 501 

density of ground-dwelling prey (e.g., lizards) as a consequence of the lower abundance and 502 

activity of predatory birds (Thaker et al. 2018). Therefore, future studies should address the 503 

effect of wind farms on this predator community and its role on ground-nest predation. 504 

The expansion of crops as a result of agricultural intensification is one of the major sources of 505 

habitat loss and fragmentation on shrub-steppe ecosystems (Laiolo and Tella 2006) that might 506 

affect nest predation in several non-mutually ways (e.g., increasing predator abundance or nest 507 

densities in suboptimal habitats; Evans, 2004). In this study, we found a positive association 508 

between crop surface area and the probability of nest predation. The role of non-cropped habitats 509 

(e.g. field margins) as undisturbed and stable refuges for mammals and other potential predators 510 

is well-known (Benton et al. 2003; Rodríguez-Pastor et al. 2016) thus increasing predation risk 511 

on nests located closer to agricultural edges (Ponce et al. 2018). Similarly, stone walls used to 512 

delimit crop fields in our study area are commonly used by lacertids and other reptiles (Díaz et 513 

al. 2006). Therefore, it is reasonable that the probability of nest predation increases with the 514 

surface area of crops, which might be an important source of potential predators. In particular, 515 

the probability of nest predation was null or low when the surface area of crops in the 516 

surroundings was lower than 20 ha (i.e., ca. 25% of the total surface area characterised in the 517 
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surroundings within the 500 m buffer; Fig. 4), and it greatly increased when the surface area of 518 

crops was above 20 ha, reaching ca. a 50% predation probability when the surface area of crops 519 

was above 40 ha (i.e., ca. 50% of the total surface area; Fig. 4). Thus, the effect of crops on 520 

predation rates might be specially worrying if crop amount is above 25% of the total surface area 521 

in the surroundings. Lastly, microhabitat variables such as vegetation cover and height, also 522 

influence nest predation rates (Barrientos et al. 2009; Praus and Weidinger 2015; Ponce et al. 523 

2018). In this study, the probability of nest predation decreased with the cover of moss and 524 

detritus, whereas the remaining microhabitat variables did not determine nest predation rates. We 525 

attempted to minimize the differences on microhabitat variables when placing the artificial nests 526 

(i.e., under a short shrub covering ca. 50% of the nest). Therefore, it is reasonable that most of 527 

the microhabitat variables related with plant structure did not influence nest predation rates. One 528 

possible explanation for the effect of moss and lichen cover on predation rates is that they may 529 

offer better nest concealment and reduce nest conspicuousness, thus reducing nest predation 530 

(Hatchwell et al. 1996). 531 

The use of artificial nests to answer ecological questions is under debate (see review in Moore 532 

and Robinson 2004). The degree to which results from artificial nests can be generalized to real 533 

bird populations has been questioned because artificial nests might attract different predators 534 

than real nests and hence, may be predated at different rates (Thompson and Burhans 2004). Nest 535 

predation rates in our study (17.9%) were similar than predation rates previously described in our 536 

study area from natural nests during the incubation period (18.9%, n = 27; Pérez-Granados et al. 537 

2017). Moreover, the predation rate obtained after monitoring 27 nests of black-eared wheatear 538 

(3), Dupont’s lark (7), greater short-toed lark (6), Eurasian skylark (10) and tawny pipit (1) 539 

during the incubation period in the study area (years 2017-2019) was 33.3% (authors’ 540 
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unpublished data). In any case, neither breeding success nor overall predation rates were within 541 

the aims of this study. A drawback of our study is that nest predators might not be reliably 542 

assigned based on cues left at artificial nests (Williams and Wood 2002; Thompson and Burhans 543 

2004) and thus, these results may be misinterpreting the importance of some predators (Benson 544 

et al. 2010). Our goal was to identify main nest predators in order to contextualize factors at 545 

microhabitat and landscape scales determining the probability of nest predation. We consider 546 

that we succeeded in this purpose since mammals have previously been described as main 547 

predators from natural nests in shrub-steppes, whereas reptiles, birds and small mammals were 548 

considered as rare (Suárez et al. 1993). Therefore, while our results cannot be used to obtain 549 

predation rates at natural nests, we consider that they provide important insights on spatial trends 550 

in predation that may have implications for natural nests. Moreover, some authors admit that 551 

they provide useful data with larger sample sizes as compared to those from natural nests due to 552 

the time-consuming task of finding real nests, highlighting their utility for comparative purposes 553 

(Major and Kendal 1996; Evans 2003) and as indices of relative predation pressure (Vögeli et al. 554 

2011). Thus, main conclusions drawn from this study about the role of gravel-roads and crops as 555 

sources of predators remain reliable. 556 

5. Conclusions and implications for conservation  557 

This paper delves into a potential mechanism explaining the negative effects of wind farms on 558 

ground-nesting birds: the increase of large mammalian predator abundance through landscape 559 

transformation that may lead to higher ground-nest predation rates. Specifically, this indirect 560 

impact has been addressed in shrub-steppes, a key ecosystem for the preservation of avian 561 

wildlife since shrub-steppe birds experience declining population trends (Burfield 2005; 562 
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Sanderson et al. 2005), which might be aggravated in the presence of wind infrastructures 563 

(Gómez-Catasús et al. 2018a). Future research should address the effects of wind farms and 564 

landscape features on avian breeding success monitoring real nests throughout all stages of the 565 

nesting cycle, as well as studying patterns of nest-site selection or the effect of turbine noise on 566 

predator-prey interactions. 567 

Predator control has been widely proposed as an effective conservation measure of vulnerable 568 

bird populations (Smith et al. 2010). However, a deeper understanding of the mechanisms that 569 

relate wind farm occurrence, habitat, and landscape to breeding success and other predators not 570 

specifically covered by this study (e.g., small mammals and reptiles) is needed to determine 571 

whether these management practices could be effective in shrub-steppe ecosystems. Meanwhile, 572 

managers should prioritize alternative solutions such as installing narrow and straight access-573 

roads or reusing already-existing roads, along with placing wind turbines outside the distribution 574 

area of endangered bird species. These specific recommendations aim to minimize the 575 

development of gravel-roads for access and maintenance of wind turbines during the design of 576 

future wind energy projects, in order to avoid shifts on the predator community and the potential 577 

increase on predation rates. 578 

Acknowledgments 579 

We thank Inmaculada Abril Colón and Vicente Garza for her invaluable support and 580 
collaboration during field sampling.  581 

Electronic supplementary material 582 

Appendix A. Artificial ground-nests 583 
Appendix B. Meshes 584 
Appendix C. Results of Principal Component Analyses 585 
Appendix D. Parameters estimates and wAIC values for spatial and non-spatial models 586 
Appendix E. Model validation – Overdispersion assessment 587 

Declarations 588 



27 
 

Funding 589 

This study was supported by Tragsatec - GrupoTragsa (project entitled “Effects of wind farms on 590 
Dupont’s lark nest predation”), the European Commission (Life-Ricotí project LIFE15-NAT-ES-591 
000802) and the BBVA Foundation (BBVA-Dron Ricotí project). This paper contributes to 592 
project REMEDINAL-3 from CAM. 593 

Conflicts of interest/Competing interests 594 

None 595 

Ethics approval (include appropriate approvals or waivers) 596 

Not applicable 597 

Consent to participate (include appropriate statements) 598 

Not applicable 599 

Consent for publication (include appropriate statements) 600 

Not applicable 601 

Availability of data and material (data transparency) 602 

Data will be submitted to an appropriate public data repository  603 

Code availability (software application or custom code) 604 

R-code will be submitted to an appropriate public repository  605 

Author contributions 606 

Julia Gómez-Catasús: Conceptualization, Methodology, Formal Analysis, Investigation and 607 
Writing - Original Draft, Visualization. Adrián Barrero: Conceptualization, Methodology, 608 
Investigation and Writing - Review & Editing. Margarita Reverter: Investigation and Writing - 609 
Review & Editing. Daniel Bustillo-de la Rosa: Investigation and Writing - Review & Editing. 610 
Cristian Pérez-Granados: Investigation and Writing - Review & Editing. Juan Traba: Writing 611 
- Review & Editing, Supervision, Project administration and Funding acquisition. 612 

References 613 

Ashley EP, Robinson JT (1996) Road mortality of amphibians, reptiles and other wildlife on the 614 
long point causeway, Lake Erie, Ontario. Can Field-Naturalist 110:403–412 615 

Atienza JC, Martín Fierro I, Infante O, et al (2011) Directrices para la evaluación del impacto de 616 
los parques eólicos en aves y murciélagos (versión 3.0). SEO/BirdLife, Madrid 617 

Bang P, Dahlstrøm P, Mears R (2007) Animal Tracks and Signs Oxford University 618 
Press, Oxford, UK. 619 

Barrientos R, Valera F, Barbosa A, et al (2009) Plasticity of nest-site selection in the trumpeter 620 
finch: A comparison between two different habitats. Acta Oecologica 35:499–506. 621 



28 
 

https://doi.org/10.1016/j.actao.2009.03.005 622 

Barrios L, Rodríguez A (2004) Behavioural and environmental correlates of soaring-bird 623 
mortality an an-shore wind turbines. J Appl Ecol 41:72–81. https://doi.org/10.1111/j.1365-624 
2664.2004.00876.x 625 

Benson TJ, Brown JD, Bednarz JC (2010) Identifying predators clarifies predictors of nest 626 
success in a temperate passerine. J Anim Ecol 79:225–234. https://doi.org/10.1111/j.1365-627 
2656.2009.01604.x 628 

Benton TG, Vickery JA, Wilson JD (2003) Farmland biodiversity: is habitat heterogeneity the 629 
key? Trends Ecol Evol 18:182–188. https://doi.org/10.1016/S0169-5347(03)00011-9 630 

Best LB (1978) Field Sparrow Reproductive Success and Nesting Ecology. Auk 95:9–22. 631 
https://doi.org/10.2307/4085491 632 

BirdLife International (2015) European Red List of Birds. Luxembourg: Office for Official 633 
Publications of the European Communities. 634 
http://www.birdlife.org/datazone/info/euroredlist. Accessed 20 October 2020 635 

Bose A, Dürr T, Klenke RA, Henle K (2018) Collision sensitive niche profile of the worst 636 
affected bird-groups at wind turbine structures in the Federal State of Brandenburg, 637 
Germany. Sci Rep 8:1–13. https://doi.org/10.1038/s41598-018-22178-z 638 

Buehler R, Bosco L, Arlettaz R, Jacot A (2017) Nest site preferences of the Woodlark (Lullula 639 
arborea) and its association with artificial nest predation. Acta Oecologica 78:41–46. 640 
https://doi.org/10.1016/j.actao.2016.12.004 641 

Burfield IJ (2005) The conservation status of steppic birds in Europe. In: Bota G, Morales MB, 642 
Mañosa S, Camprodon J (eds) Ecology and conservation of steppe-land birds. Lynx 643 
Edicions, Barcelona, Spain, pp 69–102 644 

Cabrera-Cruz SA, Villegas-Patraca R (2016) Response of migrating raptors to an increasing 645 
number of wind farms. J Appl Ecol 53:1667–1675. https://doi.org/10.1111/1365-646 
2664.12673 647 

Calero-Riestra M, García JT, Herranz J, Suárez F (2013) Breeding output and nest predation 648 
patterns in steppe-associated Mediterranean birds: the case of the Tawny Pipit Anthus 649 
campestris. J Ornithol 154:289–298. https://doi.org/10.1007/s10336-012-0893-4 650 

Campedelli T, Londi G, Cutini S, et al (2013) Raptor displacement due to the construction of a 651 
wind farm: preliminary results after the first 2 years since the construction. Ethol Ecol Evol 652 
26:376–391. https://doi.org/10.1080/03949370.2013.862305 653 

Chalfoun AD, Thompson FR, Ratnaswamy MJ (2002) Nest predators and fragmentation: A 654 
review and meta-analysis. Conserv Biol 16:306–318. https://doi.org/10.1046/j.1523-655 
1739.2002.00308.x 656 

De Lucas M, Ferrer M, Bechard MJ, Muñoz AR (2012) Griffon vulture moratlity at wind farms 657 
in souther Spain: Distribution of fatalities and active mitigation measures. Biol Conserv 658 
147:184–189. https://doi.org/10.1016/j.biocon.2011.12.029 659 



29 
 

De Lucas M, Janss GFE, Ferrer M (2004) The effects of a wind farm on birds in a migration 660 
point: the Strait of Gibraltar. Biodivers Conserv 13:395–407. 661 
https://doi.org/10.1023/B:BIOC.0000006507.22024.93 662 

De Lucas M, Janss GFE, Whitfield DP, Ferrer M (2008) Collision fatality of raptors in wind 663 
farms does not depend on raptor abundance. J Appl Ecol 45:1695–1703. 664 
https://doi.org/10.1111/j.1365-2664.2008.01549.x 665 

Degregorio BA, Weatherhead PJ, Sperry JH (2014) Power lines, roads, and avian nest survival: 666 
Effects on predator identity and predation intensity. Ecol Evol 4:1589–1600. 667 
https://doi.org/10.1002/ece3.1049 668 

Devereux CL, Denny MJH, Whittingham MJ (2008) Minimal effects of wind turbines on the 669 
distribution of wintering farmland birds. J Appl Ecol 45:1689–1694. 670 
https://doi.org/10.1111/j.1365-2664.2008.01560.x 671 

Díaz JA, Monasterio C, Salvador A (2006) Abundance, microhabitat selection and conservation 672 
of eyed lizards (Lacerta lepida): A radiotelemetric study. J Zool 268:295–301. 673 
https://doi.org/10.1111/j.1469-7998.2005.00031.x 674 

Erickson WP, Wolfe MM, Bay KJ, et al (2014) A Comprehensive Analysis of Small-Passerine 675 
Fatalities from Collision with Turbines at Wind Energy Facilities. PLoS One 9:e107491. 676 
https://doi.org/10.1371/journal.pone.0107491 677 

Escandell V (2017) Sacre. Tendencia de las aves en primavera. Programas de seguimiento de 678 
Avifauna y grupos de trabajo. SEOBirdlife, Madrid, pp 4-11. 679 

Evans DM, Redpath SM, Evans SA (2005) Seasonal patterns in the productivity of Meadow 680 
Pipits in the uplands of Scotland. J F Ornithol 76:245–251. https://doi.org/10.1648/0273-681 
8570-76.3.245 682 

Evans KL (2003) The potential for interactions between predation and habitat change to cause 683 
population declines of farmland birds. Ibis (Lond 1859) 146:1–13. 684 
https://doi.org/10.1111/j.1474-919X.2004.00231.x 685 

Farfán MA, Vargas JM, Duarte J, Real R (2009) What is the impact of wind farms on birds? A 686 
case study in southern Spain. Biodivers Conserv 18:3743–3758 687 

Fernández-Bellon D, Wilson MW, Irwin S, O’Halloran J (2019) Effects of development of wind 688 
energy and associated changes in land use on bird densities in upland areas. Conserv Biol 689 
33:413–422. https://doi.org/10.1111/cobi.13239 690 

Fernández-Llario P (2017) Jabalí – Sus scrofa. In: Salvador A, Borja I (eds) Enciclopedia Virtual 691 
de los Vertebrados Españoles. Museo Nacional de Ciencias Naturales, Madrid 692 

Fox J, Monette G (1992) Generalized collinearity diagnostics. J. Am. Stat. Assoc, 87:178-183. 693 

Frey SN, Conover MR (2006) Habitat Use by Meso-Predators in a Corridor Environment. J 694 
Wildl Manage 70:1111–1118. https://doi.org/10.2193/0022-695 
541X(2006)70[1111:HUBMIA]2.0.CO;2 696 

Fuglstad GA, Simpson D, Lindgren F, Rue H (2019) Constructing Priors that Penalize the 697 



30 
 

Complexity of Gaussian Random Fields. J Am Stat Assoc 114:445–452. 698 
https://doi.org/10.1080/01621459.2017.1415907 699 

Garvin JC, Jennelle CS, Drake D, Grodsky SM (2011) Response of raptors to a windfarm. J Appl 700 
Ecol 48:199–209. https://doi.org/10.1111/j.1365-2664.2010.01912.x 701 

Garza V, Suárez F, Herranz J, et al (2005) Home range, territoriality and habitat selection by the 702 
Dupont’s lark Chersophilus duponti during the breeding and postbreeding periods. Ardeola 703 
52:133–146 704 

Garza V, Traba J (2016) Alondra ricotí, el fantasma del páramo. Quercus 359: 24-33. 705 

Gillespie MK, Dinsmore SJ (2014) Nest survival of Red-winged Blackbirds in agricultural areas 706 
developed for wind energy. Agric Ecosyst Environ 197:53–59. 707 
https://doi.org/10.1016/j.agee.2014.07.012 708 

Gómez-Catasús J, Garza V, Morales MB, Traba J (2019) Hierarchical habitat-use by an 709 
endangered steppe bird in fragmented landscapes is associated with large connected patches 710 
and high food availability. Sci Rep 9:1–12. https://doi.org/10.1038/s41598-019-55467-2 711 

Gómez-Catasús J, Garza V, Traba J (2018a) Wind farms affect the occurrence, abundance and 712 
population trends of small passerine birds: The case of the Dupont’s lark. J Appl Ecol 713 
55:2033–2042. https://doi.org/10.1111/1365-2664.13107 714 

Gómez-Catasús J, Pérez-Granados C, Barrero A, et al (2018b) European population trends and 715 
current conservation status of an endangered steppe-bird species: The Dupont’s lark 716 
Chersophilus duponti. PeerJ 6:e5627. https://doi.org/10.7717/peerj.5627 717 

Gómez-Rubio V (2020) Bayesian inference with INLA. Chapman & Hall/CRC Press, Boca 718 
Raton, Florida 719 

Grant TA, Shaffer TL, Madden EM, Pietz PJ (2005) Time-Specific Variation in Passerine Nest 720 
Survival: New Insights into Old Questions. Auk 661–672. 721 
https://doi.org/10.1093/auk/122.2.661 722 

Güthlin D, Storch I, Küchenhoff H (2014) Toward reliable estimates of abundance: Comparing 723 
index methods to assess the abundance of a mammalian predator. PLoS One 9:e94537. 724 
https://doi.org/10.1371/journal.pone.0094537 725 

Hatchett ES, Hale AM, Bennett VJ, Karsten KB (2013) Wind turbines do not negatively affect 726 
nest success in the Dickcissel (Spiza americana). Auk 130:520–528. 727 
https://doi.org/10.1525/auk.2013.12187 728 

Hatchwell BJ, Chamberlain DE, Perrins CM (1996) The reproductive success of Blackbirds 729 
Turdus merula in relation to habitat structure and choice of nest site. Ibis (Lond 1859) 730 
138:256–262. https://doi.org/10.1111/j.1474-919x.1996.tb04337.x 731 

Hethcoat MG, Chalfoun AD (2015a) Towards a mechanistic understanding of human- induced 732 
rapid environmental change: a case study linking energy development, nest predation and 733 
predators. J Appl Ecol 52:1492–1499. https://doi.org/10.1111/1365-2664.12513 734 

Hethcoat MG, Chalfoun AD (2015b) Energy development and avian nest survival in Wyoming, 735 



31 
 

USA: A test of a common disturbance index. Biol Conserv 184:327–334. 736 
https://doi.org/10.1016/j.biocon.2015.02.009 737 

Keehn JE, Feldman CR (2018) Disturbance affects biotic community composition at desert wind 738 
farms. Wildl Res 45:383–396. https://doi.org/10.1071/WR17059 739 

Krüger H, Väänänen VM, Holopainen S, Nummi P (2018) The new faces of nest predation in 740 
agricultural landscapes—a wildlife camera survey with artificial nests. Eur J Wildl Res 741 
64:76. https://doi.org/10.1007/s10344-018-1233-7 742 

Laiolo P, Tella JL (2006) Fate of unproductive and unattractive habitats: recent changes in 743 
Iberian steppes and their effects on endangered avifauna. Environ Conserv 33:223–232.  744 

Lindgren F, Rue H, Lindström J (2011) An explicit link between gaussian fields and gaussian 745 
markov random fields: The stochastic partial differential equation approach. J R Stat Soc 746 
Ser B Stat Methodol 73:423–498. https://doi.org/10.1111/j.1467-9868.2011.00777.x 747 

López-Martín JM (2010) Zorro – Vulpes vulpes Linnaeus , 1758. In: Salvador A, Borja I (eds) 748 
Enciclopedia Virtual de los Vertebrados Españoles. Museo Nacional de Ciencias Naturales, 749 
Madrid 750 

Mahoney A, Chalfoun AD (2016) Reproductive success of Horned Lark and McCown's 751 
Longspur in relation to wind energy infrastructure. Condor 118: 360-375. 752 
https://doi.org/10.1650/CONDOR-15-25.1 753 

Major RE, Kendal CE (1996) The contribution of artificial nest experiments to understanding 754 
avian reproductive success: a review of methods and conclusions. Ibis (Lond 1859) 755 
138:298–307. https://doi.org/10.1111/j.1474-919x.1996.tb04342.x 756 

Martin TE (1993) Nest predation among vegetation layers and habitat types: revising the 757 
dogmas. Am Nat 141:897–913. https://doi.org/10.1086/285515 758 

Martínez-Abraín A, Tavecchia G, Regan HM, et al (2012) Effects of wind farms and food 759 
scarcity on a large scavenging bird species following an epidemic of bovine spongiform 760 
encephalopathy. J Appl Ecol 49:109–117. https://doi.org/10.1111/j.1365-761 
2664.2011.02080.x 762 

Masden EA, Haydon DT, Fox AD, et al (2009) Barriers to movement: Impacts of wind farms on 763 
migrating birds. ICES J Mar Sci 66:746–753. https://doi.org/10.1093/icesjms/fsp031 764 

Moore RP, Robinson WD (2004) Artificial bird nests, external validity, and bias in ecological 765 
field studies. Ecology 85:1562–1567. https://doi.org/10.1890/03-0088 766 

Morales MB, Traba J, Carriles E, et al (2008) Sexual differences in microhabitat selection of 767 
breeding little bustards Tetrax tetrax: ecological segregation based on vegetation 768 
structure. Acta Oecologica 34: 345-353. https://doi.org/10.1016/j.actao.2008.06.009 769 

Myer MH, Campbell SR, Johnston JM (2017) Spatiotemporal modeling of ecological and 770 
sociological predictors of West Nile virus in Suffolk County, NY, mosquitoes. Ecosphere 771 
8:e01854. https://doi.org/10.1002/ecs2.1854 772 

Ottvall R, Larsson K, Smith HG (2005) Nesting success in Redshank Tringa totanus breeding on 773 



32 
 

coastal meadows and the importance of habitat features used as perches by avian predators. 774 
Bird Study 52:289–296. https://doi.org/10.1080/00063650509461402 775 

Pearce-Higgins JW, Stephen L, Langston RHW, et al (2009) The distribution of breeding birds 776 
around upland wind farms. J Appl Ecol 46:1323–1331. https://doi.org/10.1111/j.1365-777 
2664.2009.01715.x 778 

Pérez-Granados C, López-Iborra GM, Garza V, Traba J (2017) Breeding biology of the 779 
endangered Dupont’s Lark Chersophilus duponti in two separate Spanish shrub-steppes. 780 
Bird Study 64:328–338. https://doi.org/10.1080/00063657.2017.1359232 781 

Ponce C, Salgado I, Bravo C, et al (2018) Effects of farming practices on nesting success of 782 
steppe birds in dry cereal farmland. Eur J Wildl Res 64:13. https://doi.org/10.1007/s10344-783 
018-1167-0 784 

Praus L, Weidinger K (2015) Breeding Biology of Skylarks Alauda arvensis in Maize and Other 785 
Crop Fields. Acta Ornithol 50:59–68. https://doi.org/10.3161/00016454ao2015.50.1.007 786 

Quantum GIS Development Team (2019) Quantum GIS Geographic Information System. Open 787 
Source Geospatial Foundation Project. http://qgis.osgeo.org 788 

R Core Team (2019) R: A language and environment for statistical computing.Vienna, Austria: 789 
R Foundation for Statistical Computing. http://www.r-project.org 790 

Ricklefs RE (1969) An analysis of nesting mortality in birds. Washington 791 

Rodríguez-Pastor R, Luque-Larena JJ, Lambin X, Mougeot F (2016) “Living on the edge”: The 792 
role of field margins for common vole (Microtus arvalis) populations in recently colonised 793 
Mediterranean farmland. Agric Ecosyst Environ 231:206–217. 794 
https://doi.org/10.1016/j.agee.2016.06.041 795 

Rogers AM, Gibson MR, Pockette T, et al (2014) Scavenging of migratory bird carcasses in the 796 
Sonoran Desert. Southwest Nat 59:544–549. https://doi.org/10.1894/mcg-08.1 797 

Rotenberry JT, Wiens JA (1980) Habitat structure, patchiness, and avian communities in North 798 
American steppe vegetation: a multivariate analysis. Ecology 61: 1228-1250. 799 
https://doi.org/10.2307/1936840 800 

Rubenstahl TG, Hale AM, Karsten KB (2012) Nesting Success of Scissor-Tailed Flycatchers 801 
(Tyrannus forficatus) at a Wind Farm in Northern Texas. Southwest Nat 57:189–194. 802 
https://doi.org/10.1894/0038-4909-57.2.189 803 

Rue H, Martino S, Chopin N (2009) Approximate Bayesian inference for latent Gaussian models 804 
by using integrated nested Laplace approximations. J R Stat Soc Ser B Stat Methodol 805 
71:319–392. https://doi.org/10.1111/j.1467-9868.2008.00700.x 806 

Ruiz-Capillas P, Mata C, Malo JE (2013) Road verges are refuges for small mammal populations 807 
in extensively managed Mediterranean landscapes. Biol Conserv 158:223–229. 808 
https://doi.org/10.1016/j.biocon.2012.09.025 809 

Sanders LE, Chalfoun AD (2019). Mechanisms underlying increased nest predation in natural 810 
gas fields: a test of the mesopredator release hypothesis. Ecosphere 10: e02738. 811 



33 
 

https://doi.org/10.1002/ecs2.2738 812 

Sanderson FJ, Donald PF, Burfield IJ (2005) Farmland birds in Europe: from policy change to 813 
population decline and back again. In: Bota G, Morales MB, Mañosa S, Camprodon J (eds) 814 
Ecology and conservation of steppe-land birds. Lynx Edicions, Barcelona, Spain, pp 69–815 
102 816 

Simpson D, Rue H, Riebler A, et al (2017) Penalising model component complexity: A 817 
principled, practical approach to constructing priors. Stat Sci 32:1–28. 818 
https://doi.org/10.1214/16-STS576 819 

SIOSE (2011) Documento Técnico SIOSE 2011 - Versión 1.1. Sistema de Información de 820 
Ocupación del Suelo en España. Ministerio de Fomento, Spain. http://www.siose.es/. 821 

Smith JA, Dwyer JF (2016) Avian interactions with renewable energy infrastructure: An update. 822 
Condor 118:411–423. https://doi.org/10.1650/condor-15-61.1 823 

Smith RK, Pullin AS, Stewart GB, Sutherland WJ (2010) Effectiveness of Predator Removal for 824 
Enhancing Bird Populations. Conserv Biol 24:820–829. https://doi.org/10.1111/j.1523-825 
1739.2009.01421.x 826 

Stevens TK, Hale AM, Karsten KB, Bennett VJ (2013) An analysis of displacement from wind 827 
turbines in a wintering grassland bird community. Biodivers Conserv 22:1755–1767. 828 
https://doi.org/10.1007/s10531-013-0510-8 829 

Suárez F, Hervás I, Herranz J (2009) Las alondras de España peninsular. Dirección General para 830 
la Biodiversidad. Ministerio de Medio Ambiente y Medio Rural y Marino, Madrid, Spain 831 

Suárez F, Traba J, Herranz J (2005) Body mass changes in female tawny pipits Anthus 832 
campestris during the nesting stage. J Ornithol 146:372–376. 833 
https://doi.org/10.1007/s10336-005-0092-7 834 

Suárez F, Yanes M, Herranz J, Manrique J (1993) Nature reserves and the conservation of 835 
Iberian shrubsteppe passerines: The paradox of nest predation. Biol Conserv 64:77–81. 836 
https://doi.org/10.1016/0006-3207(93)90385-E 837 

Tewksbury JJ, Garner L, Garner S, et al (2006) Tests of landscape influence: Nest predation and 838 
brood parasitism in fragmented ecosystems. Ecology 87:759–768. 839 
https://doi.org/10.1890/04-1790 840 

Thaker M, Zambre A, Bhosale H (2018) Wind farms have cascading impacts on ecosystems 841 
across trophic levels. Nat Ecol Evol 2:1854–1858. https://doi.org/10.1038/s41559-018-842 
0707-z 843 

Thompson FR, Burhans DE (2004) Differences in predators of artificial and real songbird nests: 844 
Evidence of bias in artificial nest studies. Conserv Biol 18:373–380. 845 
https://doi.org/10.1111/j.1523-1739.2004.00167.x 846 

Trombulak SC, Frissell CA (2000) Review of ecological effects of roads on terrestrial and 847 
aquatic communities. Conserv Biol 14:18–30. https://doi.org/10.1046/j.1523-848 
1739.2000.99084.x 849 



34 
 

Tylianakis JM, Didham RK, Bascompte J, Wardle DA (2008) Global change and species 850 
interactions in terrestrial ecosystems. Ecol Lett 11:1351–1363. 851 
https://doi.org/10.1111/j.1461-0248.2008.01250.x 852 

Van Der Ree R, Smith DJ, Grilo C (2015) Handbook of Road Ecology. John Wiley & Sons, 853 
Oxford, U.K. 854 

Vögeli M, Laiolo P, Serrano D, Tella JL (2011) Predation of experimental nests is linked to local 855 
population dynamics in a fragmented bird population. Biol Lett 7:954–957 856 

Ward EJ, Jannot JE, Lee YW, et al (2015) Using spatiotemporal species distribution models to 857 
identify temporally evolving hotspots of species co-occurrence. Ecol Appl 25:2198–2209. 858 
https://doi.org/10.1890/15-0051.1 859 

Watanabe S (2010) Asymptotic equivalence of Bayes cross validation and widely applicable 860 
information criterion in singular learning theory. J Mach Learn Res 11:3571–3594 861 

Weidinger K, Kočvara R (2010) Repeatability of nest predation in passerines depends on 862 
predator species and time scale. Oikos 119: 138-146. https://doi.org/10.1111/j.1600-863 
0706.2009.17649.x 864 

Whittingham MJ, Evans KL (2004) The effects of habitat structure on predation risk of birds in 865 
agricultural landscapes. Ibis (Lond 1859) 146:210–220. https://doi.org/10.1111/j.1474-866 
919X.2004.00370.x 867 

Widen P (1994) Habitat Quality for Raptors: A Field Experiment. J Avian Biol 25:219–223. 868 
https://doi.org/10.2307/3677078 869 

Williams GE, Wood PB (2002) Are Traditional Methods of Determining Nest Predators and 870 
Nest Fates Reliable? An Experiment with Wood Thrushes (Hylocichla mustelina) Using 871 
Miniature Video Cameras. Auk 119:1126–1132. https://doi.org/10.1093/auk/119.4.1126 872 

Wilson MW, Fernández-Bellon D, Irwin S, O’Halloran J (2017) Hen Harrier Circus cyaneus 873 
population trends in relation to wind farms. Bird Study 64:20–29. 874 
https://doi.org/10.1080/00063657.2016.1262815 875 

Winder VL, Gregory AJ, McNew LB, Sandercock BK (2015) Responses of male Greater Prairie-876 
Chickens to wind energy development. Condor 117:284–296. 877 
https://doi.org/10.1650/CONDOR-14-98.1 878 

Wright LJ, Hoblyn RA, Green RE, et al (2009) Importance of climatic and environmental change 879 
in the demography of a multi-brooded passerine, the woodlark Lullula arborea. J Anim Ecol 880 
78:1191–1202. https://doi.org/10.1111/j.1365-2656.2009.01582.x 881 

Yanes M, Herranz J, Suárez F (1996) Nest microhabitat selection in larks from a European semi- 882 
arid shrub- steppe: The role of sunlight and predation. J Arid Environ. 883 
https://doi.org/10.1006/jare.1996.0040 884 

Yanes M, Suarez F (1995) Nest predation patterns in ground‐nesting passerines on the Iberian 885 
Peninsula. Ecography (Cop) 18:423–428. https://doi.org/10.1111/j.1600-886 
0587.1995.tb00145.x 887 



35 
 

Yanes M, Suarez F (1996) Incidental Nest Predation and Lark Conservation in an Iberian 888 
Semiarid Shrubsteppe. Conserv Biol 10:881–887. https://doi.org/10.1046/j.1523-889 
1739.1996.10030881.x 890 

Zuur AF, Ieno EN, Saveliev AA (2017) Beginner’s guide to spatial, temporal, and spatial-891 
temporal ecological data analysis with R-INLA. Newburgh, U.K. 892 

Zwart MC, Dunn JC, McGowan PJK, Whittingham MJ (2016) Wind farm noise suppresses 893 
territorial defense behavior in a songbird. Behav Ecol 27:101–108. 894 
https://doi.org/10.1093/beheco/arv128 895 

  896 



36 
 

TABLES 897 

Table 1. Explanatory variables incorporated in the analyses carried out in this study. The level (nest or 898 

plot) at which the different variables were measured is indicated. In addition, the analysis in which the 899 

explanatory variables were incorporated as predictors is stated. PA: Predator abundance. NP: Nest 900 

predation 901 

Environmental factor Variables Level Analysis 

Wind farm occurrence Presence/Absence of wind turbines Plot PA, NP 

Sampling period Beginning or end of the breeding season Nest NP 

Landscape features Surface area of gravel-roads (m2) 
Surface area of crops (m2) 
Surface area of trees (m2) 

Plot - 500 m buffer PA, NP 

Proximity to sources of 
potential predators 

Distance to the nearest path/gravel-road (m) 
Distance to the nearest crop (m) 
Distance to the nearest tree (m) 
 

Nest NP 

Indices of predator 
abundance 

Large mammalian predators 
 
Avian predators 
 

Plot – 500 m transect 
(large mammalian 
predators) and 1 km 
buffer (avian 
predators) 

NP 

Plant structure Vertical structure: 
Maximum height (cm) 
Number of contacts at 0-5cm, 5-10cm, 10-
30cm and >30 cm 
Horizontal structure: 
Total vegetation cover (%) 
Bare ground cover (%) 
Rock cover (%) 
Shrub cover (%) 
Herbaceous cover (%) 
Detritus cover (%) 
Lichen cover (%) 
Moss cover (%) 

Nest - 1x1 m quadrat NP 

 902 

 903 

 904 
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Table 2. Partial Bernoulli models fitted to address the factors explaining the probability of nest predation 905 

at 312 artificial nests placed in two occasions (April and June) in 2016. Predictors incorporated in each 906 

partial model are indicated. 907 

Model Predictors 
Context and indices of 
predator abundance 

Period (beginning or end of the breeding season) 
Wind farm occurrence (presence/absence) 
Indices of predator abundance (large mammalian and avian 
predators) 

Landscape Surface area of gravel-roads, trees, and crops (plot level) 
Distance to the nearest path/gravel-road, tree, and crop (nest level) 

Plant structure PC1Hor, PC2Hor, PC3Hor, PC4Hor 
PC1Ver, PC2Ver a 

a PC1Hor-PC4Hor states for the Principal Components yielded by the PCA on the horizontal plant structure, 908 

whereas PC1Ver-PC2Ver are the Principal Components yielded by the PCA on the vertical plant structure (see 909 

Results) 910 

Table 3. Results of the non-spatial Poisson model assessing the effect of landscape features on the 911 

relative abundance of large mammalian predators and the spatial Poisson model assessing the effect of 912 

landscape features on the relative abundance of avian predators (n= 18 plots in 2016). Posterior mean (β), 913 

standard deviation (SD) and 95% Bayesian Credible intervals (95% BCI) are shown for the intercept and 914 

each landscape variable. Predictors with an important effect on the relative abundance of large 915 

mammalian predators are highlighted in bold. 916 

 Mammalian predators Avian predators 

 β SD 95% BCI β SD 95% BCI 
Intercept -0.25 0.29 [-0.86; 0.27] -1.88 1.15 [-3.41; -0.69] 
Surface area of roads 0.63 0.18 [0.28; 1.00] 0.16 0.28 [-0.42; 0.73] 
Surface area of trees 0.52 0.23 [0.07; 0.96] -0.10 0.26 [-0.61; 0.44] 
Surface area of crops -0.40 0.35 [-1.14; 0.22] 0.10 0.29 [-0.49; 0.70] 

 917 
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Table 4. Results of the three partial spatial-Bernoulli models addressing the factors explaining the 918 

probability of nest predation at 312 artificial nests placed in two occasions (April and June) in 2016. The 919 

Posterior mean (β), standard deviation (SD), and 95% Bayesian Credible Intervals (95% BCI) are shown 920 

for the intercept and each variable independently for each partial model. Predictors with an important 921 

effect on the probability of nest predation are highlighted in bold. 922 

Model  β SD 95% BCI 

C
on

te
xt

 Intercept -3.43 1.01 [-5.66; -1.64] 
Wind farm occurrence (Presence) 1.41 1.39 [-1.19; 4.37] 
Period (End breeding season) 0.73 0.34 [0.07; 1.41] 
Abundance of avian predators 0.55 0.54 [-0.44; 1.71] 
Abundance of mammalian predators -0.33 0.62 [-1.63; 0.87] 

La
nd

sc
ap

e 

Intercept -2.58 0.76 [-4.30; -1.32] 
Surface area of gravel-roads 0.99 0.46 [0.17; 2.01] 
Surface area of crops 1.33 0.48 [0.48; 2.37] 
Surface area of trees -0.85 0.50 [-1.97; 0.01] 
Distance to nearest path/gravel-road 0.12 0.23 [-0.33; 0.56] 
Distance to nearest tree -0.16 0.24 [-0.65; 0.32] 
Distance to nearest crop 0.31 0.34 [-0.35; 0.98] 

M
ic

ro
ha

bi
ta

t a 

Intercept -2.54 0.63 [-3.92; -1.43] 
PC1Hor 0.44 0.24 [-0.01; 0.92] 
PC2Hor 0.32 0.23 [-0.11; 0.78] 
PC3Hor 0.73 0.27 [0.22; 1.30] 
PC4Hor 0.31 0.20 [-0.07; 0.71] 
PC1Ver 0.89 0.19 [-0.29; 0.45] 
PC2Ver 0.16 0.20 [-0.22; 0.55] 

923 
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Table 5. Results of the final spatial-Bernoulli model addressing the factors explaining the probability of 924 

nest predation at 312 artificial nests placed in two occasions (April and June) in 2016. The Posterior mean 925 

(β), standard deviation (SD) and 95% Bayesian Credible intervals (95% BCI) are shown for the intercept 926 

and each variable. Predictors with an effect on the probability of nest predation are highlighted in bold. 927 

 β SD 95% BCI 

Intercept -2.74 0.62 [-4.09; -1.64] 
Period (End breeding season) 0.73 0.34 [0.07; 1.42] 
Surface area of gravel-roads 0.76 0.39 [0.04; 1.60] 
Surface area of crops 0.94 0.41 [0.20; 1.83] 
PC3hora 0.56 0.24 [0.09; 1.05] 
a Third Principal Component yielded by the PCA on horizontal vegetation 928 
structure variables. It was negatively related with detritus and moss cover.  929 

930 
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FIGURES 931 

 932 
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 933 

Fig. 1 Map of the study area. Plots at control (circles; n = 11) and wind farm sites (triangles; n = 7) are 934 

depicted. Shrub-steppe patches are delimited and the location of wind turbines (black crosses) are 935 

represented. At bottom right, one plot is expanded, depicting the layout of the nine artificial ground-nests 936 

(small grey circles). In addition, the walked transects to estimate the relative abundance of large 937 

mammalian predators (black line) and the 500 m buffer where landscape features were measured (grey 938 

circle) are also depicted. The insect shows the location of the study area (black rectangle) in Spain. 939 

 940 

 941 

 942 

 943 
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 944 

 945 

Fig. 2 Surface area of gravel-roads (ha) in plots at control (n = 11; filled dots) and wind farm sites (n = 7; 946 

empty dots). Median (black line), mean (grey dot), and 25th and 75th percentiles (box) are depicted. The 947 

violin plot (surfaces) represents the distribution (kernel probability density) of the surface of gravel roads 948 

predicted by the model at control and wind farm sites. 949 
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Fig. 3 Relative abundance of large mammalian predators (i.e., scat counts) in relation to: (a) the surface 954 

area of gravel-roads (ha); and (b) the surface area of trees (ha) in a 500 metres (radius) buffer around each 955 

plot. Observed values for the plots located at control (n = 11; filled dots) and wind farm sites (n = 7; 956 

empty dots) are depicted. Mean (black line) and 95% Bayesian Credible Interval (grey surface) are 957 

represented.958 
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Fig. 4 Probability of nest predation in relation to: (a) the surface area of gravel-roads (ha); and (b) the 961 

surface area of crops (ha) in a 500 metres (radius) buffer around each plot. Observed values for the 962 

artificial nests located at control (n = 188; filled dots) and wind farm sites (n = 124; empty dots) are 963 

depicted. Lastly, mean (black line) and 95% Bayesian Credible Interval (grey surface) are represented. 964 
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